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ABSTRACT

MICROWAVE RESONANT SENSOR INTEGRATION
WITH IMPEDANCE CYTOMETRY IN

MICROFLUIDIC PLATFORM FOR PROBING
MICRO-SCALE DIELECTRIC PERMITTIVITY

Uzay Tefek

M.S. in Mechanical Engineering

Advisor: Assoc. Prof. Mehmet Selim Hanay

September 2023

This thesis presents a novel multiphysical sensor that integrates low-frequency

impedance cytometry with high-frequency microwave capacitance sensing. The

characterization of microscale objects, including microparticles and cells, is es-

sential in various scientific disciplines, such as biology, materials science, and en-

vironmental science. Accurate identification and classification of these microscale

entities are critical for applications ranging from drug delivery optimization to

environmental impact assessment, however, the current techniques fall short in

terms of the rapidity and cost-effectiveness necessary for analyzing extensive pop-

ulations. To address this challenge, our hybrid sensor combines low-frequency

impedance cytometry and high-frequency microwave capacitance sensing for ma-

terial characterization based on dielectric permittivity. This integration offers a

rapid, cost-effective, and highly accurate method for identifying and characteriz-

ing microscale particles and cells. Experimental studies demonstrate the sensor’s

efficacy, achieving remarkable signal-to-noise ratios. The sensor’s versatility ex-

tends monitoring permittivity changes in single cells exposed to fixing agents

offering valuable insights into cellular properties. In summary, this thesis intro-

duces an innovative multiphysical sensor that advances microscale entity analysis,

enabling rapid and precise identification and characterization.

Keywords: Impedance Cytometry, Microwave Sensors, Microplastics, Microparti-

cles, Dielectric Characterization, Microwave Resonators, Clausius-Mossotti Fac-

tor.
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ÖZET

MİKRO ÖLÇEKTE DİELEKTRİK GEÇİRGENLİĠİ
İNCELEMEK İÇİN MİKROAKIŞKAN PLATFORMDA

EMPEDANS SİTOMETRİ İLE MİKRODALGA
REZONANS SENSÖRÜNÜN ENTEGRASYONU

Uzay Tefek

Makine Mühendisliği, Yüksek Lisans

Tez Danışmanı: Assoc. Prof. Mehmet Selim Hanay

Eylül 2023

Bu tez, düşük frekanslı empedans sitometrisini mikrodalga frekanslarında çalışan

kapasitans algılama sensörüyle entegre ederek ortaya çıkan yeni bir sensör sun-

maktadır. Mikropartiküller ve hücreler de dahil olmak üzere mikro ölçekli nes-

nelerin karakterizasyonu; biyoloji, malzeme bilimi ve çevre bilimi gibi çeşitli

bilimsel disiplinlerde gerek duyulmaktadır. Bu mikro ölçekli varlıkların doğru

tanımlanması ve sınıflandırılması, ilaç dağıtım optimizasyonundan çevresel etki

değerlendirmesine kadar çeşitli uygulamalar için kritik önem teşkil etmekte-

dir, ancak mevcut teknikler, geniş popülasyonları analiz etmek için gereken hız

ve maliyet etkinliği açısından yetersiz kalmaktadır. Bu zorluğun üstesinden

gelmek için hibrit sensörümüzde, dielektrik geçirgenliğe dayalı malzeme karak-

terizasyonu yapabilmek için iki farklı frekansta çalışan sensörü birleştirildi. Bu

entegrasyon, mikro ölçekli parçacıkların ve hücrelerin tanımlanması ve karak-

terize edilmesi için hızlı, uygun maliyetli ve son derece doğru bir yöntem

sunar. Deneysel çalışmalar, sensörün etkinliğini ve dikkate değer sinyal-gürültü

oranlarına ulaştığını göstermektedir. Sensörün uygulama çeşitliliğine örnek

olarak hücre sabitleme işlemine maruz kalan tek hücrelerdeki elektrik alan

geçirgenliği değişikliklerinin izlenmesiyle hücreselin içsel özellikleri hakkında bilgi

edinilebilmesi verilebilir. Özetle, bu tez, mikro ölçekli varlıkların analizini

geliştiren, hızlı ve doğru tanımlama ve karakterizasyona olanak tanıyan yenilikçi

bir çoklu fiziksel sensör sunmaktadır.

Anahtar sözcükler : Empedans Sitometri, Mikrodalga Sensörleri, Mikroplas-

tikler, Mikropartiküller, Dielektrik Karakterizasyon, Mikrodalga Rezonatörler,

Clausius-Mossotti Faktörü.
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Chapter 1

Introduction

The characterization of microscale objects has emerged as a crucial area of re-

search with broad implications across various scientific disciplines, including bio-

logical, materials, and environmental sciences. Accurate identification and clas-

sification of microscale particles, such as microparticles and cells, are essential

for understanding biological processes, optimizing drug delivery systems, and

assessing environmental impact [1, 2]. In the field of biomedical applications,

differentiation of cell types is crucial for various diagnostic and therapeutic pur-

poses [3, 4]. High-throughput techniques are needed to efficiently classify cells and

assess their responses to external stimuli or drug treatments [5]. Moreover, in ma-

terials science, the optimization of drug loading efficiency in micropolymer-based

formulations can enhance the effectiveness of medications and reduce production

costs. In environmental screening, the increasing concerns about the environmen-

tal impact of industrial microparticles, particularly in the context of microplastic

pollution, require robust methods for their detection and characterization.

There are several well-established analytical techniques for the identification

and classification of microscale particles. Techniques like Raman and Fourier

Transform Infrared Spectroscopy (FTIR) are powerful tools for detailed material

characterization. While these methods are accurate and widely used in research

laboratories, they suffer from certain limitations when applied to microparticle
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analysis. Raman and FTIR require bulky and expensive instrumentation and

are often time-consuming for the analysis of large particle populations [6, 7].

In an interlaboratory study dedicated to finding out the most effective methods

for microplastic characterization in drinking water, the average time spent on

Raman is 10 minutes and on FTIR 12 minutes per particle [7]. Additionally, for

the particle size below 20 µm, which is particularly important concerning human

exposure and health effects, [8] these techniques struggle to achieve high-accuracy

results due to their relatively weak scattering signals.

An alternative technique, impedance cytometry, has shown promise for the

rapid sizing of microparticles and cells. Impedance cytometry operates by de-

tecting the change in ionic current when an analyte dielectric particle blocks the

current flow between two electrodes with a potential difference. At lower fre-

quencies (¡1 MHz), impedance cytometry can size microparticles based on their

geometric volume. However, this technique lacks the capability to differentiate

between different materials effectively [9]. The real challenge lies in classifying

microparticles based on their material composition, especially when they have

similar geometric sizes.

Researchers have explored various strategies to address this challenge and im-

prove impedance cytometry with material characterization capabilities. One ap-

proach involves employing higher radio frequencies (typically 1 to 50 MHz) where

the capacitive response of dielectric particles can provide information about their

electrical permittivity [10]. At these frequencies, the capacitive impedance of the

cell membrane becomes small compared to the cytosol, allowing for the probing

of internal cellular parameters. This method has been successfully applied to dif-

ferentiate biological cells from non-biological microparticles, thanks to the high

water content of cells, which imparts a distinct dielectric response.

However, differentiating non-biological microparticles from one another in wa-

ter remains a formidable challenge due to the high polarizability of water and ions

dissolved in it. At low frequencies, the electrical response is mainly dependent

on particle volume, and any material-based information is overwhelmed by the

presence of water [11]. To overcome this limitation, researchers have explored
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the application of microwave resonators operating at frequencies in the low GHz

range (1-20 GHz) [12, 13, 14, 15, 16, 17, 18, 19, 20]. At these frequencies, ion

screening effects are diminished, and electrical response primarily reflects the

inherent properties of the particle’s material.

Microwave resonators offer several advantages for microparticle analysis.

Firstly, they provide non-contact measurements through integrated antennas,

enabling precise detection without direct contact with the analyte. This fea-

ture is particularly valuable when handling delicate biological cells. Secondly,

the small form factor and compactness of microwave resonators make them ideal

candidates for portable and point-of-care applications. Thirdly, researchers can

leverage metamaterial approaches to engineer subwavelength structures, tuning

the sensor response and enhancing its sensitivity and selectivity [21, 16].

This thesis presents a novel, multiphysical sensor that combines low-frequency

( 500 kHz) impedance cytometry with high-frequency ( 5 GHz) microwave capaci-

tance sensing. The integration of these two distinct sensors provides complemen-

tary parameters for the rapid identification and characterization of microscale

particles. The impedance cytometry sensor primarily detects the geometric vol-

ume of particles passing through the microfluidic channel [22]. On the other hand,

the microwave sensor yields the capacitance, which is a function of both the ge-

ometric size and the Clausius-Mossotti factor, related to the particle’s electrical

permittivity.

We demonstrate the efficacy of our hybrid sensor through experimental studies

focusing on the classification of polystyrene and soda-lime glass microparticles,

both approximately 20 µm in diameter. Despite the low intrinsic contrast of these

microparticles, our sensor achieves impressive signal-to-noise ratios (SNR) in mi-

crowave measurements (¿ 800) and low-frequency current measurements (600).

The analysis of these high-resolution data sets reveals that the ratio of Clausius-

Mossotti factors of the two microparticles is calculated to be 1.09, closely aligned

with the theoretical value of 1.10. Moreover, our sensor achieves a remarkable

accuracy of 94.9% in identifying particle materials, showcasing its potential for

environmental screening and materials analysis. Furthermore, we demonstrate

3



the versatility of our sensor by investigating its utility in biomaterial and bio-

electronics research. Specifically, we monitor the relative permittivity changes of

single cells exposed to glutaraldehyde, a cellular fixing reagent. The result of this

experiment highlights the potential of our sensor in cellular studies.

In short, this thesis introduces a novel multiphysical sensor that represents

a significant advancement in microscale entity analysis, providing a rapid, cost-

effective, and highly accurate method for identification and characterization. By

integrating low-frequency impedance cytometry with high-frequency microwave

capacitance sensing, we offer a unique platform for material differentiation based

on dielectric permittivity, overcoming the limitations of existing techniques and

opening up exciting opportunities for applications in environmental science, per-

sonalized medicine, and beyond.
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Chapter 2

Theory of Operation

The Theory of Operation chapter serves as the theoretical foundation for the

multiphysical sensor presented in this thesis. This chapter explains the two all-

electronic sensing techniques employed by the sensor, namely Microwave Fre-

quency Sensing and Low-Frequency Sensing. These complementary techniques

provide crucial insights into the identification and characterization of microscale

particles based on their dielectric permittivity.

In the first subsection, Microwave Frequency Sensing, we delve into the sensor

modeling and its underlying principles. At microwave frequencies in the GHz

range, the sensor exploits the capacitance changes induced by the interaction

of microparticles with the electromagnetic field. A key parameter of interest in

this context is the Clausius-Mossotti Factor, which is related to the dielectric

permittivity of the particles. We explore how this factor is determined from the

measured sensor response and how it forms the basis for material differentiation.

The second subsection, Low-Frequency Sensing, provides complementary in-

formation on the analyzed microparticles. This method operates at frequencies

in the order of 500 kHz and utilizes impedance cytometry to detect the geometric

volume of the particles passing through the microfluidic channel. We investigate

two different designs for this low-frequency measurement, each offering distinct

5



advantages and applications.

2.1 Microwave Frequency Sensing

The study of particle sensing through electrical sensors is a well-established do-

main, especially in applications like biological sample sizing and sorting, often

employing techniques like flow cytometry, sometimes incorporating optical mea-

surement systems [12, 13, 14, 15, 16, 17, 18, 19, 20]. Many of these systems

typically operate within the frequency range of a few hundred megahertz (MHz).

However, delving into frequencies lower than the microwave spectrum (i.e., below

1 gigahertz or GHz) imposes limitations on our ability to access crucial informa-

tion contained within particles and cells. These limitations stem from two key

factors: the phenomenon of Debye screening by ion interfaces and the polarization

of cellular membranes [23].

Microwave frequencies offer an intriguing solution to this challenge, as they

present a scenario where ions within particles or cells struggle to respond swiftly

to rapidly changing electrical fields, thus failing to impede the penetration of these

fields. This phenomenon underscores the vital role of microwave frequencies when

it comes to extracting content-related insights during the classification of particles

and cells. Given the central focus of this thesis on the classification of particles

and cells, primarily based on permittivity and content, microwave resonators are

the instrumental choice for carrying out sensing operations within this frequency

range.

Microwave resonator structures effectively store energy in the form of electric

and magnetic fields and are characterized by the occurrence of resonance phe-

nomena, driven by the presence of standing waves that they can support. The

precise resonance frequency of these structures depends intricately on factors such

as the material used and the geometry they exhibit. These structures also create

localized electric and magnetic fields, which become indispensable components

for facilitating sensing tasks. To further our understanding, we will embark on a
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journey through a simplified model, starting with how the mere presence of a par-

ticle can introduce changes in capacitance within a microchannel. This seemingly

subtle modification in capacitance will ultimately manifest itself in the signals we

measure. Notably, the microwave sensor we employ in this research operates in

the capacity of a capacitance sensor, bearing a resemblance to its counterparts

in the realm of impedance spectroscopy. However, it does so within a notably

higher frequency range, spanning from 4 to 8 GHz.

Electrodes

Signal

1. 2. 3.

Electric 

Field

Capacitive 

Change

Microfluidic channel

∼ K cm

GHz

1. 2. 3.

?

Figure 2.1: At Microwave Frequencies electric field is unaffected by Debye screen-
ing and can pass through the microparticle.

2.1.1 Out-of-Phase Component

The sensor’s microwave behavior is represented by a series RLC circuit, wherein

the passage of particles through the microchannel results in a change in capaci-

tance (∆C) [24]. In this type of circuit, the system’s response can be described

7



by a transfer function in the frequency domain.

Figure 2.2: For the microwave resonator, particle passage in the microchannel
can be modeled as a capacitance change of ∆C to the RLC circuitry

For our specific design, a single port Split Ring Resonator (SRR), this transfer

function indicates the ratio of the reflected wave voltage (V-) to the incident

wave voltage (V+), which is referred to as the S11 parameter. This parameter

is influenced by both the line impedance of the measurement circuitry and the

input impedance of the device (Zin).

H(ω) =
V −

V +
= S11 =

Zin − Z0

Zin + Z0

(2.1)

For and RLC circuit the transfer function can be written as,

H(ω) =
(R− Z0) + j(ωL− 1

ω(C+∆C)
)

(R + Z0) + j(ωL− 1
ω(C+∆C)

)
(2.2)

Since the sensor is always driven at its resonance frequency, the impedance of the

sensor has to be purely real. Therefore, at resonance.

ωresL− 1

ωresC
= 0 (2.3)

Also, if use Taylor Expansion to the capacitance term to the first degree;

1

ωres(C +∆C)
=

1

ωresC
− ∆C

ωresC2
(2.4)
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Then, the transfer function at resonance frequency can be written as;

H(ωres) =
(R− Z0) + j 1

ωres

(
∆C
C2

)
(R + Z0) + j 1

ωres

(
∆C
C2

) (2.5)

If the expression is multiplied with its complex conjugate and its real and

imaginary parts are separated;

Re{H(ωRes)} =
R2 − Z2

0 +
1

ω2
res
(∆C
C2 )

2

(R + Z0)2 +
1

ω2
res
(∆C
C2 )2

(2.6)

Im{H(ωRes)} =
2Z0

ωres
(∆C
C2 )

(R + Z0)2 +
1

ω2
res
(∆C
C2 )2

(2.7)

The capacitance change is going to reflect itself to the first order in the out-of-

phase component (i.e., the imaginary part of the transfer function), but the second

order in the in-phase component (i.e., the real part of the transfer function).

Furthermore, ∆C ≪ C which means (∆C/C2)2 ≪ 1, and the imaginary part can

be simplified as;

∆Y = Im{H(ωRes,∆C)} =
2Z0

ωresC

(R + Z0)2

(
∆C

C

)
(2.8)

Since the terms Z0, ωRes, C and R are constant during the experiment, we can

finally end up with the following relation;

∆Y ∝ ∆C (2.9)

By employing the equations 2.10 and 2.9, we aim to determine the Clausius-

Mossotti factor for micro-objects using a microwave resonant sensor.
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2.1.2 Clausius-Mossotti Factor

The Clausius-Mossotti factor, denoted as KCM , is a pivotal parameter within the

realm of dielectric materials and plays a fundamental role in understanding their

response to electric fields. This factor is instrumental in the context of our sensor

technology and is integral to elucidating the behavior of micro-scale particles and

cells.

The Clausius-Mossotti factor quantifies the polarizability of a material when

subjected to an external electric field. It is defined as:

KCM =
ε− εm
ε+ 2εm

Where: - ε represents the dielectric constant (permittivity) of the material

under study. - εm denotes the dielectric constant of the surrounding medium.

This factor is of particular importance as it provides insights into how a mate-

rial’s dielectric properties change when exposed to an electric field. It is crucial to

understand phenomena such as polarization and how our sensor measures these

changes.

The value of the Clausius-Mossotti factor influences the extent of polarization

a material undergoes when placed in an electric field. A positive value of KCM

implies that the material polarizes in the same direction as the applied field, while

a negative value indicates polarization in the opposite direction. Moreover, the

magnitude of KCM offers insights into the degree of polarization.

In the context of our experiments, the Clausius-Mossotti factor serves as a key

parameter in interpreting the sensor’s response to micro-scale particles and cells.

It aids in understanding how these entities influence the dielectric properties of

the medium they are suspended in, allowing us to differentiate and characterize

them effectively.
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In the Experimental Results sections, we delve into specific experiments where

the Clausius-Mossotti factor plays a pivotal role in our analysis. It enables us to

establish the relation between our sensor readings and micro-objects’ dielectric

properties with the following equation:

∆C = 4πεma
3KCM |Erms|2U2 (2.10)

Where C is capacitance, εm is the dielectric permittivity of the medium, a is

particle radius, Erms is the magnitude of the root mean squared (RMS) electric

field and U is electrical potential. In line with this equation, the alteration in

capacitance also hinges on the physical size of the micro-object under exami-

nation, introducing an element of uncertainty. It’s important to note that an

identical change in capacitance can be triggered by either a small particle with

a high KCM value or a larger cell with a comparatively lower KCM value, as

illustrated in Figure 2.3. Consequently, relying solely on microwave frequency

sensing, we encounter a challenge in precisely pinpointing the nature of what we

are measuring.
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Figure 2.3: At Microwave Frequencies electric field is unaffected by Debye screen-
ing and can pass through the microparticle.

2.2 Low Frequency Sensing

Impedance cytometry is a powerful analytical technique employed in the realm

of biophysics and cellular analysis [25]. It stands as a versatile and informative

method for characterizing cells, particles, and microorganisms based on their elec-

trical properties. Unlike its microwave frequency counterpart, impedance cytom-

etry operates within the low-frequency range, typically spanning from kilohertz

(kHz) to megahertz (MHz). This technique capitalizes on the inherent electrical

conductivity variations exhibited by different biological entities, offering valuable

insights into their size.

At the heart of impedance cytometry lies the fundamental principle of mea-

suring impedance, which is the opposition to the flow of alternating current (AC)
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within a biological sample. This opposition stems from the resistive properties of

the sample.

Impedance cytometry finds diverse applications across various fields, including

counting and sizing. Impedance cytometry is extensively used to enumerate and

size cells within a sample [26, 27, 28]. The technique is particularly valuable

in clinical diagnostics, where it aids in monitoring blood cell counts, detecting

abnormalities, and diagnosing diseases.

Beyond cellular applications, impedance cytometry is employed in the analysis

of various particles and microparticles, including synthetic particles, nanoparti-

cles, and microbeads [29]. It aids in characterizing their physical and electrical

properties.

Impedance cytometry experiments typically involve a microfluidic system

where the sample of interest is suspended in an electrolyte solution. The sample

flows through a microchannel or chamber, and electrodes positioned at specific

points within the channel measure the impedance changes as the sample passes

through. The impedance data is then analyzed to extract relevant information

about the cells or particles.

Impedance cytometry offers several advantages, including its label-free nature,

rapid data acquisition, and the ability to analyze large cell populations. However,

it has limitations. Since the electrical signal cannot probe into cells due to double

layer occurrence and Debye shielding the technique becomes ineffective in pro-

viding detailed information about micro-object morphology (Figure 2.4 [30, 31].

In summary, impedance cytometry, operating within the low-frequency range,

plays a crucial role in the field of cellular analysis and particle characterization.

Its ability to discriminate between biological entities based on electrical properties

has led to its widespread adoption in clinical, research, and industrial settings,

making it a valuable tool for understanding cellular behavior and investigating

micro-scale particles.
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Figure 2.4: At kHz-MHz Frequency the electrical signal is transferred as electrical
current. Any dielectric material blocks the current flow.
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Chapter 3

Evolution of the Sensor Design

In the pursuit of accurate and efficient microscale particle analysis, the evolution

of sensor design stands as a testament to the pursuit of innovation. This chap-

ter delves into the complications of the sensor designs developed and modified

over the course of this research, each representing a step forward in capturing

the properties of microscale particles. Through a journey of experimentation,

analysis, and modification; these sensor designs have been molded to overcome

challenges, unlock new insights, and provide a comprehensive understanding of

microparticle analysis.

The evolution of the sensor design chapter is not only a chronicle of techno-

logical advancements but also a narrative of the rigorous quest to enhance the

precision, sensitivity, and applicability of microscale particle analysis. With each

iteration, these sensor designs have been improved to target specific aspects of

particle characterization, whether it be material composition, geometrical size,

or error compensation methods. This chapter explains the distinctive character-

istics and principles that underlie each sensor design, laying the foundation for a

comprehensive understanding of their functioning and implications.
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3.1 Microwave Sensor with Optical Imaging

The initial design I worked with was a Split-Ring Resonator with only one par-

allel electrode pair in the sensing region. A microfluidic channel with 250 µm

width was chosen to ease the alignment of the PDMS block with the microwave

electrodes. However, due to the limited coverage of the electric field between the

electrodes across the channel width, there were fringing electric fields in both

lateral and vertical directions. Consequently, particles passing close to the chan-

nel walls, where the electric field was most non-uniform, were excluded from the

dataset. This reduced the throughput of the sensor. Moreover, since there was

no mechanism to calculate the trajectory height of the particles, even among the

particles passing through the middle section, the measured signal variance was

quite high.

100 µm

Figure 3.1: Sensing region of the microwave sensor with optical imaging. A
parallel electrode pair with 30-µm gap in between is placed perpendicular to fluid
flow.

For the dielectric permittivity measurement, a custom electronic setup was em-

ployed, comprising a signal generator, detection circuitry, and a controller. The

controller utilized the phase change (∆ω) of the resonator as an error signal to es-

timate the resonance frequency, which depended on the capacitance change. The

phase change (∆θ) was found to be proportional to the capacitance change (∆C)

for a given set of amplitude (R) and phase (θ), where N(R,θ) represented a nor-

malization factor, constant during each experiment due to controller adjustments.
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The output of the detection circuit, θout, provided the phase difference between

the instantaneous phase and the reference phase at the resonance frequency of the

device, serving as an error signal for the controller circuit. To address this error

signal, a Proportional-Integrative (PI) controller was utilized. This PI controller

generated a control signal (ωcorrection) and sent it to the signal generator through

a LabView interface. The control signal updated the drive frequency of the mi-

crowave signal generator (ωdrive) until it matched the resonance frequency (ωres)

of the sensor. With this approach, the phase angle of the resonator response

function was locked at 0 degrees, forming a Frequency-Locked Loop (FLL). Any

deviation of the phase from 0 degrees emerged as an error signal, which was used

to precisely update the frequency of the signal generator. Through this method,

we were able to continuously track the resonance frequency changes as can be

seen in Figure 3.2. [32]

Figure 3.2: A section of the raw data. Using the phase-locked-loop controller,
we detect the impact of passing microparticles through the sudden shift in the
resonance frequency.

For the volume calculation of the microparticles, we used bright-field optical

microscopy recordings to measure their diameters, assuming a spherical shape.

During the experiment, the sensing region was recorded, and a custom image

17



processing code was implemented to detect the event frames. The image process-

ing algorithm is initiated by using a video frame of the sensing region without

any particle as a reference frame (Figure 3.3A). All the frame images were then

converted to grayscale and stored as matrices. Each video frame’s matrix (Fig-

ure 3.3B) was subtracted from the reference frame, and the summation of row

and column values was plotted (Figure 3.3C). By applying a threshold to filter

the summation results, we successfully captured all the event frames and matched

them with the microwave signal.

BA C

Figure 3.3: Algorithm steps of optical event detection. A) The reference frame,
B) Event Frame, C) Matrice subtraction of the event frame from the reference
frame.

In this measurement, one of the challenges we faced was the constant movement

of the microparticles within the microchannel, resulting in less clear captured

frames. To improve the resolution, we maintained a low flow rate, but even then,

the resolution was not perfect. We attempted to implement autonomous circle-

fitting algorithms to enhance the images, but they did not perform well due to

shadowing issues. As a result, we resorted to a manual approach, wherein we

measured the particle areas by drawing circles around the particle image five

times and calculating the average number of pixels enclosed by the circle. Since

we knew the pixel size from the microscope images, we were able to calculate the

optical volume of the microparticles accurately.

Using this sensor design, we conducted measurements on three different an-

alytes: 10 µm polystyrene, 20 µm polystyrene, and MDA-231 cells. Although
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Figure 3.4: Event frames of different types of microparticles and area selection.
A) 10 µm polystyrene, B) MDA-231 cells, C) 20 µm polystyrene, D) Example of
area selection.

the results from the microwave measurements showed some scattering, the sen-

sor’s capability to differentiate between inorganic materials and organic cells was

successfully demonstrated as expected. Notably, for microparticles of the same

size, the signal from polystyrene particles appeared larger than that of cells. This

difference can be attributed to the difference in dielectric permittivity between

the materials and the surrounding media (ϵm = 78). With a lower dielectric

permittivity of polystyrene (ϵpss = 2.25) compared to cells (ϵc = 40-60), the

Clausius-Mossotti factor for polystyrene resulted in a higher value, leading to a

distinguishable response in the microwave measurements.

To enhance the throughput of the sensor, we made modifications by intro-

ducing a series of chevron-shaped electrodes. This alteration facilitated the use

of dielectrophoresis (DEP) to focus the microparticles toward the center of the

channel. Each set of consecutive electrodes with opposite potentials generated a

DEP force, particularly effective in the focusing of larger microparticles. However,
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Figure 3.5: Experimental results obtained by the microwave sensor with optical
imaging.

we observed that the focusing effect was less pronounced for smaller micropar-

ticles. Figure 3.6 illustrates the focusing effect observed in consecutive frames.

For instance, a 20 µm particle was effectively focused within two-step periods,

displaying a noticeable change in its position towards the center of the microchan-

nel. On the other hand, a 10 µm particle experienced only a slight change as it

passed through the center of the microchannel. This observation indicates that

while the chevron-shaped electrodes demonstrated satisfactory performance in

focusing larger microparticles, they were less effective for smaller ones.
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Figure 3.6: DEP focusing with chevron-shaped electrodes.
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3.2 Microwave Sensor Combined with Impedance

Cytometry

In this revised design, a large electrode pair was introduced, operating at the KHz-

MHz frequency spectrum, and positioned to sandwich the microwave electrodes

(as illustrated in Figure 3.7). The choice of fluid medium was altered to Phosphate

Buffered Saline (PBS), a conductive solution facilitating current flow. The current

within the designated frequency range led to the problem of double-layering on

the electrodes exposed to the ionic medium. To mitigate its influence, emphasis

was placed on maximizing the contact area with the medium while concurrently

maintaining a minimal separation between the microwave electrodes to prevent

any potential coupling between low and high-frequency signals.

Figure 3.7: Sensing region of the microwave sensor combined with impedance
cytometry. While the parallel microwave electrode pair is aligned with the mi-
crofluidic constriction, the impedance cytometry electrodes are placed on both
sides to form a current flow.

A further modification included the introduction of a constricted segment

within the microfluidic channel. Although the microfluidic placement step of

the fabrication has become more challenging in this design, after some practice,
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I was able to position the PDMS block with a few micrometers of precision. The

implementation of the constriction guided all microparticles through a laterally

uniform electric field formed between the microwave electrodes. Additionally,

the impedance effect, which is proportional to the ratio of microparticle cross-

sectional area to the microchannels, was enhanced. This adjustment resulted in

an amplification of the low-frequency signal, boosting the geometrical size mea-

surement sensitivity.

A

B

Figure 3.8: Baseline removed data of A) Microwave, B) Impedance cytometry
on the first measurement. No significant drift is observed, therefore the sensor
readings are consistent with each other.

Initially, the microwave frequency measurement technique mirrored the pre-

vious design. It employed a phase-locked control loop to trace the resonance

frequency, allowing for the assessment of microparticle passage effects by moni-

toring frequency shifts (Figure 3.8A). To facilitate geometric volume calculations,

the current signal was transformed into a voltage signal using a transimpedance

amplifier. This voltage signal was subsequently processed with a lock-in amplifier

for easy interpretation (Figure 3.8B). The impedance cytometry signal, depicted

in the same figure, displayed peaks with widths directly correlated to the duration
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a particle spent within the constricted microfluidic segment.

A

B

Figure 3.9: Baseline removed data of A) Microwave, B) Impedance cytometry
on the second measurement. There is a significant drift in the sensor readings,
therefore the event magnitudes are not as consistent as the first measurement.

Despite the sufficiently high signal-to-noise ratios observed in both high and

low-frequency signals, the utilization of PBS, while not an ideal homogenous

solution, introduced alterations to the resonance characteristics during the ex-

periment. The inherent fluctuation in ion concentration within the PBS solution

led to variations in the medium’s conductivity, thereby causing different sensor

readings even when dealing with identical particles. An illustrative instance of

an obvious drift within the experiment is presented in Figure 3.9. Regarding the

signal’s interpretation of geometrical volume information, it relies on discerning

the ratio of current flow and obstruction. To correct the signal, a reasonable ap-

proach involves normalizing the signal magnitude against its baseline. However,

due to the nature of resonance, this strategy proved inadequate for mitigating a

significant source of error in microwave measurements.

As the result of these two measurements conducted with 10 and 20 µm
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Figure 3.10: A,B) The microwave and impedance cytometry measurements of 10
and 20 µm polystyrene particles with phase-locked loop controller. C) Scatter
plot of the signals

polystyrene particles, two concentrated accumulations occurred on both of the

parameters. With the current closed-loop circuitry, it seems that while the mi-

crowave signal is proportional to the particle diameter, the impedance cytometry

signal is proportional to the volume of the particle (Figure 3.10). However, the

number of events were not sufficient to prove such relation and it was not feasible

to increase the flow rate to increase the throughput of the device because the

microwave frequency closed-loop controller was not fast enough to react shorter

event duration. Therefore, we had to switch the microwave circuitry to be open

drive (The details about the circuitry will be explained in the following section).

In this case, resonance tracking is not possible, however, the phase and am-

plitude of the microwave signals can be used to estimate whether the resonance
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Figure 3.11: The microwave and impedance cytometry measurements of 10, 12
and 20 µm polystyrene particles with a consistent resonance characteristic by
using an open drive.

characteristics are preserved or changed. On the other hand, the throughput in-

creased significantly. In a 10-minute time period, we were able to measure more

than 250 events which is a mixture of 10, 12 and 20 µm polystyrene particles.

Three different parameters were obtained for each of them; microwave signal am-

plitude, microwave signal phase and impedance cytometry current as can be seen

in Figure 3.11. The drift on the signals was quite tolerable in this experiment.

The S11 open sweep measurements around the resonance frequency taken before

and after the experiment matched nicely too.

With the open drive measurement, even 10 and 12 µm particles were distin-

guishable from each other with the microwave aspect of the sensor. The drift in

the low-frequency signal was more drastic, therefore the differentiation was not

as clear as it is in the microwave signals.
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A B

Figure 3.12: Frequency sweep of the S11 parameter before and after the experi-
ment.

However, the physical representation of the amplitude (R) and Phase (∆θ)

were still unknown. Their relation with the particle size was different as can be

seen in Figure 3.13. It seemed that the phase signal was proportional to the 1.5

order of the particle diameter while the amplitude signal was proportional to the

volume. This contradiction raised the need for a repetition of the experiment.

A B

Figure 3.13: The relation between the low-frequency signal and microwave pa-
rameters.

The outcomes of the second experiment revealed remarkable findings. While

the data was not feasible for distinguishing between various microparticles, the

trend in the phase signal offered a crucial understanding of the microwave aspect

of the sensor. From the open sweep, the resonance frequency was estimated to

be 5410 MHz and the measurement was initiated with open drive mode. As the

experiment progressed, significant alterations occurred in the resonance charac-

teristics, causing the resonance frequency to increase by approximately 2 MHz,
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as depicted in Figure 3.14C-D.

A

B

C D

Figure 3.14: A,B) The phase and amplitude signals of 10, 12 and 20 µm
polystyrene particles with varying resonance characteristics while using an open
drive. C, D) Frequency sweep of the S11 parameter before and after the experi-
ment. The difference

A particularly intriguing observation was that particle passages initially yielded

upward spikes. Around the 5-minute mark, the phase parameter ceased to be re-

sponsive, prompting particle passages to progressively exert a downward effect

on the phase signal. This sequence resulted in an overall shift of approximately

50 degrees in the phase baseline, which matches well with the open sweep mea-

surement. Notably, the deviation in the open sweep phase value at 5410 MHz,

before and after the experiment, correlated precisely with the observed baseline

shift.

In contrast, the amplitude signal consistently displayed a unidirectional trend

throughout the experiment, marked by only a minor downward inclination in the
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baseline. From this experimentation, the insight emerged that the alteration in

induced capacitance, caused by particles interacting with the sensor, could not

be calculated using solely either the phase or amplitude of the signal. Instead, it

appeared to be a combined function of the two.
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3.3 Microwave Sensor Combined with Five

Electrode Impedance Cytometry

In this revised design, measurements take place at different locations for both the

low-frequency and microwave electrodes. As illustrated in Figure 3.15, the left

side is equipped with five electrodes dedicated to low-frequency measurements,

while the right side has two microwave electrodes.

To match the signals generated by a particle on both sensors, adjustments

were made by placing the electrodes in closer proximity to the constricted section

of the microfluidic channel. This alteration facilitated the synchronization of the

low and high-frequency signals. However, the close placement of the electrodes

introduced a coupling effect. Consequently, as a particle passes through the

impedance cytometry electrodes, the microwave signal is also influenced. This

effect adds complexity to data analysis and results in a reduction of the signal

amplitude consequently diminishing the signal-to-noise ratio.

Figure 3.15: A micrograph of the sensing region.

The low-frequency part of the sensor closely follows the recent work [4, 33,

34, 29]. Here, a five-electrode arrangement was used to obtain the geometric

size of the particles while calibrating for the effect of the height variation of
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particles as they flow through the channel (Figure 3.15). In the five-electrode

arrangement, the 3rd electrode is used to provide a 1 MHz AC excitation voltage

while the 1st and 5th electrodes are used to collect the resulting differential

current. This current is carried by the ions in the solution, and a non-conducting

particle passing through the channel blocks the ionic motion, resulting in a drop

in the current proportional to the particle’s volume.

The remaining two electrodes, electrodes 2 and 4, were kept floating: they

were used to facilitate the height measurements by modifying the current flow

between the middle and outer electrodes. A particle passing near the bottom of

the channel induces a large variation in the current along its trajectory, whereas

the current waveform is smoother for an identical particle passing near the top

of the channel. This way, the variation in the current for each trajectory was

encoded by the ratio between the large and small peaks in the signal waveform

(Figure 3.16B). This ratio, prominence (P), was then used to calculate the height

of each particle and calibrate its response to obtain the geometric size accurately.

For the size and height measurement by the low-frequency sensor, the 3rd

electrode is driven by a 1 V peak-to-peak signal at 1 MHz and the resulting current

is collected from the outer electrodes by a differential readout configuration. The

current signals were converted into voltage by a transimpedance amplifier (Zurich

Instruments, HF2TA), and read out by a lock-in amplifier (Zurich Instruments,

HF2LI) in differential mode.

For the electrical volume measurements at microwave frequencies, after ver-

ifying the resonance characteristics of the SRR with a vector network analyzer

(VNA), we switched to our custom circuitry (Figure 3.16A) and set the frequency

of the signal generator to the resonance frequency (5.4 GHz). The circuit con-

sists of two lock-in amplifiers to employ single-sideband modulation (SSBM) and

a signal generator as signal sources. We fed the SRR at its resonance frequency

with 500 mVpk power output. The time constant of the lock-in amplifiers was

set to 501 µs and the sampling rate was 13.39k/sec to fully detect rapidly passing

particles. Since the maximum operational frequency of the lock-in amplifiers was
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Figure 3.16: A) Schematic of the circuit, SSBM: single side-band modulator, TA:
Transimpedance Analyzer. B) Low-frequency current signal of a passing particle
forms a bipolar Gaussian shape. The geometric size and height values of the
particles are calculated from this measurement. C) Microwave signals induced
by a passing particle. The change in amplitude (R) and phase (θ) values in the
highlighted sections are used to calculate the capacitance change induced by the
particle.

below the resonance frequency, we built a custom Single Side Band (SSB) hetero-

dyne circuitry [20, 19]. The reference signal outputs of the lock-in amplifiers were

up-converted before entering the resonator and down-converted before digitally

reading the amplitude and phase of the signal.

With this design, we also solved the relation between the induced capacitance

caused by the particles and the microwave parameters; amplitude, and phase.

The sensor’s microwave part is modeled as a resonating RLC circuit and the out-

of-phase component which is explained in the 2.1.3 section is calculated. With

this method, any fractional change in the capacitance of the microwave resonator

is reflected in the out-of-phase component as in Equation 2.9

32



With this technique, we compared the measurements of two types of micropar-

ticles, polystyrene and soda-lime glass. Polystyrene microparticles had a fixed

diameter value of 20 ± 0.3 µm while soda-lime glass particles were reported to

have diameters changing in the range of 15-22 µm. Therefore, it is expected that

soda-lime glass particles will have a much wider size distribution.

The electrical diameter is the square root of the derivative of the out-of-phase

component and the geometrical diameter is the cube root of the change in the

impedance cytometry signal.

Polystyrene

Soda Lime Glass

Figure 3.17: Separation of polystyrene and soda lime glass using geometric and
electrical diameters.

Electrical Diameter

Geometric Diameter
=

√
∆Y

G 3
√
A

≈
√

KCM (3.1)

These values are multiplied with constants G1 and G2 to have a mean of 20

µm for polystyrene particles. Soda-lime glass particles are calibrated accordingly.

The ratio of these two materials’ slope on the geometrical versus electrical diam-

eter figure was thought to be proportional to the |KCM | value for each particle

(polystyrene and soda-lime glass are 0.48 and 0.43, respectively). Even though
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the geometrical size range was correct according to the manufacturer’s (Sigma-

Aldrich,74491-10ML-F, Cospheric, SLGMS-2.5) specifications and the slope of

the polystyrene (1.02) was a little bit larger than soda-lime glass (0.99), due to

lack of the signal to noise ratio the differentiation was not adequate as can be

seen from Figure 3.17.

A

C

B

D

Figure 3.18: A) Layout Editor drawing of the initial design with wire bonds
indicated as yellow lines. B) Layout Editor drawing of the modified design with
the soldered wires indicated as gray lines. C) Effect of a particle passage on the
phase signal for the initial design. The coupling effect of low and high-frequency
electrodes is very strong. D) Effect of the particle passage on the phase signal for
the modified design. The coupling effect is prevented. The signal shape is easier
to detect and analyze.

Following this experiment, the sensor design underwent an iteration with the

objective of minimizing coupling effects and enhancing the signal-to-noise ratio.

To achieve this aim, a revision was made to the layout: the gold pads of the low-

frequency electrodes were relocated to the inner ring rather than being positioned

between the inner and outer rings. Moreover, the method of establishing elec-

trical connections was modified: soldering thicker wire (depicted as gray lines in

Figure 3.18B) was employed instead of thin wire bonds (as seen in Figure 3.18A,

represented by yellow lines) to enable the transmission of the low-frequency cur-

rent to the impedance cytometry electrodes. As a result of these adjustments,
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the phase change occurring as a particle traverses the sensing region transitioned

into a simple, singular peak (as illustrated in Figure 3.18D). This differed from

the more complex shape (depicted in Figure 3.18C) observed in the initial design.

Later on, the microparticle material classification experiment was repeated us-

ing the modified design. The increased signal-to-noise ratio yielded a significantly

better differentiation as can be seen in Figure 3.19A. Specifically, polystyrene

particles exhibited a concentrated distribution of around 20 µm, while soda-lime

glass particles were scattered within the 15 to 22 µm range. Unlike the previous

experiment, the particles were introduced to the sensor within a single solution

this time. Consequently, evaluating the accuracy of differentiation was not feasi-

ble. However, by drawing a separation line between the clusters, a large portion

of the particles appears to have been successfully differentiated. Figure 3.19B

presents a histogram displaying the ratio of electrical to geometrical diameter,

with a separation line corresponding to the one shown in Figure 3.19A. Distinct

accumulations emerged for different types of microparticles.

A B

Figure 3.19: A) Geometrical versus electrical diameter distribution of a mixed
solution of polystyrene and soda-lime glass microparticles B) Histogram showing
the distribution of the ratio of electrical to geometrical diameter
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3.4 Microwave Sensor with Varying Electrode

Gap Size

Apart from previous designs aimed at classification or geometrical size mea-

surements, we also worked with designs that aim to explore adaptable features

through different electrode geometries. In this specific configuration depicted in

Figure 3.20, by making a double measurement for each particle, we aimed to in-

fer their position in the microchannel while they are passing through the sensing

region. This design features three microwave electrodes. Notably, the left and

right electrodes are connected, effectively sharing the same potential. To simplify

explanations, these two electrodes will be referred to as the ’Ground’ electrodes,

while the middle one will be termed the ’Signal’ electrode within this chapter.

0

260

Figure 3.20: Sensing region of the microwave sensor with varying electrode gap
size

Unlike conventional electrode pairs, the alignment of the signal electrode on

the right side isn’t parallel to the ground electrodes. Consequently, the electric

field generated between this electrode pair lacks uniformity in both the vertical

and lateral directions due to the varying distance between them. We used this

uniformity to determine its position by comparing it with the signal from the
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parallel electrode pair.

For the left parallel electrode pair, the magnitude of the microwave signal is

determined by three factors: particle material, size, and vertical position. On

the right side, the lateral position of the particle also exerts an influence. This

experiment focuses solely on 20 µm polystyrene particles, effectively eliminating

dependencies on material and size. Additionally, due to the limited likelihood

of significant vertical position changes between gaps, we consider the vertical

position to remain constant for both measurements. Consequently, the only pa-

rameter affecting the ratio of signal magnitudes is the lateral position.

A B

C D

Figure 3.21: A) Sensing region of the parallel electrode pair. The blue lines
denote the microchannel walls. The red line corresponds to the cross-section,
indicated in part C, positioned at the midpoint of the gap. B) Sensing region of
the inclined electrode pair. The blue lines represent the microchannel walls. The
red line corresponds to the cross-section taken for part D. C) Electric potential
distribution across the parallel electrode pair. The electric potential maintains
uniformity within the microchannel. D) Electric potential distribution across the
inclined electrode pair. The electric potential increases on the right side and
gradually decreases towards the left side.
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Figure 3.22: A) Schematic representation of the electric field for the parallel
electrode pair. B) Schematic representation of the electric field within the wider
section of the inclined electrode pair. C) Cross-sectional view extracted from the
COMSOL simulation showing the electric field dynamics of the parallel electrode
pair. The black lines indicate the electric field lines, while the color map illustrates
the electric field magnitude. D) Schematic representation of the electric field
within the narrower section of the inclined electrode pair. E) Mesh distribution
displayed in the COMSOL simulation. Notably, due to the microfluidic region’s
significance, a finer mesh is employed within this domain.

Based on the Comsol Multiphysics simulation screenshot in Figure 3.22C, the

formation of electrical field lines is represented by the black curves, while the

distribution of electric field magnitude follows the color indications (with red sig-

nifying high and blue signifying low values). Figures 3.22A, 3.22B, and 3.22D

show the influence of gap distance on electric field lines schematically. In the ini-

tial gap, which maintains a consistent 24 µm dimension, the electric field between

the enclosing electrodes remains constant by lateral positioning. Contrastingly,
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the electric field associated with the second gap diminishes from 55 to 30 µm as

the gap distance increases relative to the lateral position. A red trajectory line

connecting Figures 3.22A and 3.22B serves as a representation of the influence of

height on the electric field. For equivalent heights, the first gap forms a stronger

electric field than the second gap, implying that the microwave signal ratio for

the 2nd Gap / 1st Gap is consistently less than one and reveals lateral position

information.

Later on, a trial involving 30 µm diameter polystyrene particles was conducted

to evaluate the design concept. To validate the lateral position of the particles, the

microscope camera recorded the sensing region, employing the same methodology

as in Chapter 4.1. As anticipated, the signal ratios acquired from the gaps were

consistently below one, exhibiting a trend line aligned with the microchannel’s

lateral position (as indicated by the blue dots in Figure 3.24). However, the

trend line’s distribution was more scattered than anticipated, with signal ratio

variations extending up to 0.15 for the same lateral position. This situation

raises the question of whether there might be another factor influencing signal

amplitude or ratio. The initial hypothesis suggested the possibility of height

variation playing a role.

In order to understand the impact of particle height on signal amplitude, fur-

ther simulations were conducted. The microchannel measured 260 µm in width

and 50 µm in height. Given the utilization of 30 µm particles, their center could

occupy a lateral range of 16 to 244 µm and a vertical range of 16 to 34 µm and

in total 12 microparticles are placed in these extreme positions and centers for

both of the gaps as can be seen in Figure 3.23. To prevent mesh-related errors,

all the particle geometries are built in each run, and only one of the materials is

assigned to be polystyrene. Others were defined as PBS.

Simulating the entire resonator system and attaining a satisfactory mesh qual-

ity in the sensing region demanded an immense computational workload. Conse-

quently, we opted to limit the simulation scope to the sensing region, including the

base (Fused silica wafer) and the top volume (PDMS) as the simulation space. In

COMSOL, the AC/DC / Electric Fields and Currents / Electric Currents branch
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Front View

Signal

Ground

Figure 3.23: COMSOL simulation geometry.

within the physics tree was selected, employing a frequency domain study. The

middle electrode was assigned as a Terminal with a potential of 1V, while the

outer electrodes were set as ground. Material properties were assigned with values

at 5.4 GHz, and the simulation was executed. In COMSOL, there isn’t a direct

option to compute the capacitance between a terminal and ground. However, it

can compute the admittance (Y), which comprises two terms:

Y (ω) = G+ jωC (3.2)

Here, G represents conductance, and C stands for capacitance. Given that the

conductance value is approximately 10−17 and the capacitance value is on the

scale of 10−14, the dominant factor in admittance is the capacitance value. Thus,

by dividing the admittance by jω, we can effectively derive a robust estimate of

the capacitance within the sensing region.
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Figure 3.24: Relationship between signal ratios and the lateral position of parti-
cles, depicted through correlation analysis. Experimental results are represented
by blue dots, while simulation outcomes are shown by green dots. Dotted curves
correspond to interpolated curves connecting simulation points.

The capacitance values for both the empty channel (Only PBS) and with par-

ticles in distinct positions are calculated. Later on, the signal ratios for identical

lateral and vertical positions in each sensing gap are computed. The correlation

between these ratios is visually depicted in Figure 3.24. The experimental results

align closely with the range of simulation outcomes. As particles approach the

lower surface of the microchannel, the signal ratio diminishes, and conversely,

it increases as they move away. This implies that if the precise lateral position

of a particle can be determined via camera observation, it becomes possible to

deduce the particle’s vertical position as well. While the practical application of

this technique might be limited, it served as an inspiration for the development

of the ultimate generation sensor design.
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3.5 Microwave Sensor with Different Gap Size

Electrode Pairs Combined with Impedance

Cytometry

This iteration represents the most recent sensor design advancement, combin-

ing previous iterations’ finest attributes and introducing further enhancements.

Similar to the designs in Chapters 4.2 and 4.3, a low-frequency signal is used to

measure the geometric volume and a high-frequency signal is used to measure the

electrical volume of the particles to calculate their Clausius Mossotti factor and

subsequently dielectric permittivity. The experimental results of this design will

be explained in the following chapter.

Figure 3.25: Sensor configuration

It uses the same impedance cytometry electrode shape detailed in Chapter

4.2 with a shorter constriction region which theoretically enables a throughput

potential of up to 500 events per second, with a measurement duration of 20

milliseconds per event. In this design there are no coupling effects between

low and high-frequency signals, thereby yielding the highest signal-to-noise ra-

tio among all prior designs. For instance, while measuring a 20 µm polystyrene

particle, the signal-to-noise ratio of 1400 for phase, 800 for amplitude, and 400

42



for impedance cytometry measurements is achieved. Remarkably, these mea-

surement quality levels surpass those of the state-of-the-art microwave sensors

currently available [21]. For compensating height variations, a microwave sens-

ing region featuring two distinct gap sizes is implemented. This technique draws

inspiration from the correlation between height and the electric field in the mi-

crowave sensor with variable electrode gap sizes. Within this design, different

electric field magnitudes varying with height are formed by employing two mi-

crowave gaps with dimensions of 15 and 25 µm. Through this geometry, two

distinct height compensation methods are integrated into the microwave aspect

of the sensor. The first method relies on the ratio of microwave signals measured

in each gap, while the second method leverages particle velocity for compensation.

Figure 3.26: COMSOL Simulation geometry for different vertical position parti-
cles.

The primary rationale for incorporating two gaps of varying sizes was to em-

ploy the first height compensation approach. The second method was discovered

subsequent to experimentation. Prior to the experimental phase, a series of COM-

SOL simulations were conducted with the geometry depicted in Figure 3.26.

The initial simulation validates the impact of the vertical position of the par-

ticle on capacitance change. To explore this, three particles of distinct sizes (15,

20 and 25 µm) are positioned within the first gap at five different height levels

(15, 20, 25, 30, and 35 µm). As illustrated in Figure 3.27A, the diminishing effect
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of height on particles remains consistent across various particle sizes. As a note,

since the dielectric permittivity of polystyrene (2.5) is smaller than water (78),

the capacitance change has a negative value.

A B

C D

Figure 3.27: Results from COMSOL simulations are presented as follows: A)
Relationship between particle height and induced capacitance for various particle
sizes. B) The ratio of induced capacitance when a particle passes through the
gaps. C) The influence of the lateral position of the particle on the amount of
induced capacitance. D) Induced capacitance measurements for polystyrene and
soda-lime glass of different sizes.

Upon normalizing the signal to that of the 15 µm particle height, the attenu-

ation coefficients were consistently 0.60, 0.41, 0.31 and 0.25 for all particle sizes.

The identical simulation process is replicated for the wider gap, yielding consis-

tent results but distinct from those of the first gap. The attenuation coefficients,

which stand at 0.68, 0.49, 0.38, and 0.31 for all particle sizes, further under-

line this observation. This variation in the attenuation coefficients between the

gaps for particles of the same height validates the suggested methodology. This

distinction is also visually apparent in Figure 3.27B, where the ratios of capac-

itance change triggered by same-sized particles at varying vertical positions are
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demonstrated. As anticipated, there is not a linear trend.

In the following series of simulations, we analyzed the most influential lateral

positions of particles around the sensing gaps. A concern arose due to the differ-

ence in the electrode areas—ground electrodes being smaller than the terminal

electrode. We were apprehensive that the surface charge density might result in

uneven potentials along the closest edges of the electrodes, leading to an asym-

metrical electric field concerning the gap’s center. To assess this, we employed

the same geometry. However, instead of placing the particles in the center of the

sensing gaps, we gradually shifted them horizontally by 45 µm while computing

the capacitance change each time. We conducted this procedure three times, each

with varying vertical particle positions at 15, 20, and 25 µm.

As depicted in Figure 3.27C, for each height value, the most significant change

in capacitance occurred when the particle was positioned in the middle of the

sensing gap. Please note that the schematic representation of the ground and

terminal electrodes in the figure (blue and red, respectively) is for illustrative

purposes and does not represent any specific data.

In the final set of simulations, we aimed to illustrate the variations in induced

capacitance among different material particles. We constructed particles of var-

ious sizes (6, 8, 10, 12, 14, and 16 µm) at the center of the narrower microwave

gap. For each size, we assigned two different materials—polystyrene and soda-

lime glass—and computed the resulting capacitance changes. In a medium of

water at 25°C with a conductivity of 9 mS/cm, operating at 5.4 GHz, these ma-

terials exhibited Clausius-Mossotti factors of -0.47 and -0.43, respectively, with

a ratio of 1.093. In accordance with the simulation results, the ratio of induced

capacitance values remained constant at 1.099 for particles of constant radius.

This finding reinforces the notion that with a sensor that has a signal-to-noise

ratio higher than 100, material differentiation should indeed be feasible even for

different-sized particles.

Once the design is validated through these simulations, the circuit implementa-

tion proceeds with the connections shown in Figures 3.28A and 3.29A. Similar to
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Figure 3.28: A) Schematic of the circuit. B) Normalized low-frequency signal of a
passing particle. The initial dip conveys size-related information. C) Microwave
signals induced by a passing particle. The initial dips of both the amplitude and
phase signals convey the dielectric property information. The second peak is used
for height calibration.

the configuration used in the microwave sensor combined with the five-electrode

impedance cytometry design, we utilize two MFLI lock-in amplifiers to construct

a single-sideband modulation and an HF2LI to facilitate impedance cytometry

measurements alongside an HF2TA transimpedance amplifier. The low-frequency

signal is transmitted out of the SRR region via wire bonds. A section of the raw

data spanning an event duration is demonstrated in Figures 3.28B and 3.28C.

To eliminate the influence of conductivity fluctuations on the current blockage

magnitude, the impedance cytometry signal (VLF ) is normalized with respect to

its baseline, resulting in voltage levels of approximately 1 mV.

One might wonder why there are two dips in the low-frequency signal, despite

the existence of only one constriction along the microfluidic channel. This phe-

nomenon can be attributed to electrode number 4 in Figure 3.29B. Typically,
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A B

Figure 3.29: A) Photo of the sensor B) Micrograph of the sensing region

impedance cytometry current flows between electrodes 1 and 2 through the con-

ductive PBS solution. However, in this design, the extensive gold surface of the

4th electrode covers a substantial portion of the microfluidic constriction. Given

that gold has a significantly higher conductivity than the PBS solution, within the

region where the 4th electrode coincides with the constricted area, the impedance

cytometry current traverses through the gold layer on the channel’s bottom rather

than the solution. In this region, as the current bypasses the solution, dielectric

particles are unable to obstruct its flow. Consequently, the presence of a particle

on the 4th electrode has a neutral impact on the impedance cytometry signal.

The impact of a particle on the low-frequency signal begins as it approaches

the entrance of the microfluidic constriction and gradually diminishes as it exits.

The buffer region between the wider and constricted sections of the channel also

influences the initial and final segments of the low-frequency signal, as evident in

the first and last rows of Figure 3.30B. Conversely, the microwave signals exhibit

significant responses only when a particle precisely aligns with the sensing gaps,

as depicted in the third and fifth rows of Figure 3.30C and 3.30. The minor

coupling effect between the microwave and low-frequency signals is observable as

a slight bump in the second row of Figure 3.30C and the sixth row of Figure 3.30D.

Nevertheless, it’s worth noting that the signal-to-noise ratio is exceptionally high

compared to previous designs.

Following the initial experimentation with 20 µm polystyrene particles, a cor-

relation [33] appeared between the ratio of peaks in a microwave parameter and
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Figure 3.30: The impact of particle passage through the microfluidic constriction
on sensor parameters. The highlighted sections of the signals correspond to the
instants given in part A. A) Timing and particle position. B) Low-frequency
signal. C) Amplitude and D) phase of the microwave signal.

particle velocity. It’s observed that particles inducing higher ratio values move

at faster velocities, suggesting their movement at higher positions within the

channel. Conversely, those with lower ratios tend to occupy lower positions, as

depicted in Figure 3.32A.

This observation is subsequently put to the test using the five-electrode config-

uration, which measures particle vertical position via a distinct method (Promi-

nence calculation). The same trend occurred; faster particles tended to occupy

higher vertical positions as can be seen in Figure 3.32B. The consistent correlation

observed across both designs further solidified the height compensation method

based on particle velocity.

The underlying principle of this phenomenon involves the parabolic velocity

profile exhibited by fluid flow within a microfluidic channel [35]. This means that
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Figure 3.31: Correlation between the peak ratios and particle velocity shown with
A) Double microwave gap design and B) Five-electrode design.

the fluid’s velocity is highest at the center of the channel and gradually decreases

as it approaches the channel’s walls. Consequently, microparticles moving within

this fluid experience a diverse range of velocities based on their position within

the channel.

Figure 3.32: Effect of parabolic fluid velocity profile in a microchannel on particle

velocity as a function of vertical position

Microparticles closer to the bottom wall of the channel tend to move at a

slower pace due to the drag exerted by the channel surface. This phenomenon is

especially dominant when working with particles near the micrometer scale. Their

motion is strongly influenced by the proximity to the wall, leading to reduced

velocities and often resulting in a concentration of particles near the bottom

surface. Conversely, microparticles that reside closer to the channel’s centerline
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experience higher velocities. The fluid at this location moves faster, transferring

greater momentum to particles positioned here. As a result, these particles are

often observed to move more swiftly through the channel.

The results of this device are explained in the Experimental Results section.
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Chapter 4

Experimental Results

Understanding the dielectric properties and geometrical characteristics of micro-

scale particles and cells has profound implications across various scientific do-

mains, from materials science to biomedicine. In this chapter, we present the

outcomes of a series of experiments conducted using the latest version of the

sensor developed for the precise measurement of dielectric permittivity and ge-

ometrical size of microparticles and cells. These experiments explore the realms

of distinguishing between particles and analyzing cells, providing insights into

various aspects of the behavior and characteristics of micro-scale particles and

cells.

The chapter is divided into four sections, each dedicated to a unique exper-

iment. In the first section, ”Differentiation of Different Size Polystyrene Mi-

croparticles,” we explore the sensor’s capabilities in discerning between particles

of varying sizes. The second section, ”Differentiation of Polystyrene and Soda

Lime Glass Microparticles,” extends our inquiry to distinguish particles of differ-

ent material compositions, providing insight into the sensor’s versatility.

Moving beyond particle differentiation, the third section, ”Effect of Cell Fix-

ing,” delves into the intriguing world of cellular analysis. Here, we investigate
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the impact of cell fixation on dielectric permittivity and size measurements, un-

raveling the complexities of cell behavior when subjected to fixation processes.

The findings of these experiments not only broaden our understanding of

micro-scale entities but also highlight the potential applications of our specialized

sensor technology in various research areas.

4.1 Differentiation of Different Size Polystyrene

Microparticles

In this section, we conduct a series of experiments with the aim of addressing

some fundamental questions regarding the performance and capabilities of the

sensor. These questions include understanding how the sensor reacts to parti-

cles of varying sizes, exploring the potential of the out-of-phase component, and

gaining insight into the nature of our measurements.

To tackle these key inquiries, we begin our experimentation with an examina-

tion of high-precision polystyrene particles, specifically those measuring 10 and 20

µms in diameter. These particles are chosen for their well-defined characteristics,

making them ideal candidates for studying the sensor’s response and behavior.

In this control experiment, a diluted concentration was intentionally used to

minimize potential errors arising from the passage of multiple particles. Over a

10-minute duration, we conducted measurements on a total of 315 microparti-

cles successfully. Figure 4.1 illustrates the processed microwave phase (θ) and

impedance cytometry voltage (∆V) signals, featuring a magnified inset that dis-

tinctly displays the formation of double peaks for one 10, one 20 µm particle.

On a broader scale, the smaller peaks correspond to 10 µm particles, while the

larger ones represent 20 µm particles. It is worth noting that, due to the shorter

measurement duration of microwave signals compared to impedance cytometry,

a higher occurrence of multi-event passages is naturally observed in the low-

frequency signal. Figure 4.1B showcases three instances of multi-particle passages
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Figure 4.1: Processed data of a mix solution of 10 and 20 µm calibration particles.
A) Microwave phase change B) Impedance cytometry Voltage change

at seconds 58 (10 & 20), 104 (20 & 20), and 155 (20 & 20) while they are distinct

in the phase signal. Given that low-frequency signals can be superimposed by a

basic summation, their identification and exclusion become straightforward when

utilizing calibration particles exclusively.

As anticipated by the fundamental nature of resistance, Equation XXX, it is

only logical for the low-frequency signal to be proportional to the geometrical

volume of the particles. 20 µm particles induce 8 times larger values than 10 µm

ones do. Therefore, with a basic cube root calculation, the size fits perfectly to the

geometrical diameter representer value, the cube root of Impedance cytometry

signal (IC1/3)

The change in capacitance resulting from immersing a dielectric particle in

another dielectric medium under the influence of an electric field can be deter-

mined by using the Clausius-Mossotti factor in Equation [19, 20]. According to

these equations, ∆C is a function that depends on the third power of the particle
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radius and is directly proportional to the out-of-phase component. Therefore,

the cube root of the out-of-phase component should be related to the radius of

particles with the same material content. However, we observed a discrepancy in

the out-of-phase component (∆Y ) in our experimental results. Contrary to our

expectations, the square root of the out-of-phase component consistently showed

a proportional relationship with the particle radius, as illustrated in Figure 3.

The fitted line closely aligns with the clusters of data points.

Figure 4.2: Results of the 10 and 20 µm polystyrene measurement.

We have not yet determined the exact reason for this contradiction, but it

may be linked to the non-uniform formation of the electric field between the

coplanar electrodes. Since the entire volume of a particle does not experience the

same strength of the electric field, each differential volume affecting the change in

capacitance is influenced differently. Since the signal is radiating from the bottom

of the microchannel, the lower part of the particle experiences a stronger electric

field, while the upper part experiences a weaker electric field. This hypothesis is

supported by similar measurements conducted in a recent study that used a 3D

structure to create a uniform electric field between the microwave electrodes [36].
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In this study, the particle radius was found to be proportional to (∆Y 0.4) which

is a closer value to the cube root.

4.2 Differentiation of Polystyrene and Soda

Lime Glass Microparticles

In this experiment, we conducted a comparison between two types of microparti-

cles: polystyrene and soda lime glass. We utilized the wide range of sizes found

in the soda lime glass particles (Cospheric SLGMS-2.5 with a size distribution

ranging from 15 to 22 µm) to validate a scaling relationship between impedance

cytometry and microwave measurements. This validation was achieved by plot-

ting the data on a logarithmic scale (log-log plot), as depicted in Figure 4.3A.

The slope of the log-log plot was calculated to be 0.646 ± 0.014, which is

approximately 2/3. This slope indicated that the microwave signal scaled with

the square of the diameter, while the impedance cytometry signal scaled with the

cube of the diameter. This ratio of 2/3 closely matched the results observed in

the previous experiment.

Moving forward in Figure 4.3, both the soda lime glass particles (in blue)

and the polystyrene particles (in orange) with a narrower diameter distribution

(20±0.3 µm) were included. According to the observed scaling trend, the slope on

this chart is directly related to the square root of the |KCM | value for each particle.

Figure 4B clearly shows the distinction in slopes between the two particle types.

As anticipated, polystyrene particles exhibited higher KCM values, reflected in

their steeper slope compared to soda lime glass (with KCM factors of -0.47 for

polystyrene and -0.43 for soda lime glass, respectively). The inset in Figure 4B

illustrates the separation boundary between polystyrene and soda lime glass. In

a binary separation scenario, the technique demonstrated an overall accuracy of

94.9% when two particles were sequentially introduced into the system.

Figure 4.3C presents the absolute values of the KCM factors for the particles at
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microwave frequencies. The results suggest that polystyrene beads obstruct the

penetration of the electrical field, as expected due to their differing permittivity

compared to water. Calibration of the sensor response using the known KCM

factor of polystyrene resulted in values of 0.47 (σ = 5.5 x 10−3) for polystyrene

and 0.43 (σ = 1.4 x 10−2) for soda lime glass. These values aligned with the

expected ratio.

C D

BA

Figure 4.3: (A) The velocity-calibrated signals from impedance cytometry (x-
axis) and microwave sensors (y-axis) of soda lime glass particles on a logarithmic
scale. (B) Separation of polystyrene and soda lime glass using geometric and
electrical diameters. (C) Separation by the |KCM | factor of polystyrene and soda
lime glass (D) Histogram of |KCM | factor showing material classification along
with separating Gaussian fits.

In Figure 4.3D, the histogram demonstrates that differences in the Clausius-

Mossotti factor can be utilized for classifying various dielectric materials. Fur-

thermore, by focusing solely on the polystyrene group (characterized by a narrow

size distribution), we determined the technique’s resolution. Both geometric and

electrical diameter measurements yielded a standard deviation-to-mean ratio of
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1.2%. This high resolution in individual parameters translated to a narrow distri-

bution of their ratio, which, in turn, allowed the differentiation of two materials

with very similar dielectric properties.

Figure 4.4: Statistical results of the polystyrene and soda-lime glass experiment

By assessing these microparticles as material-specific groups, the sensor ef-

fectively demonstrated its ability to distinguish polystyrene and soda lime glass

microparticles based on their dielectric permittivity, achieving a 94% accuracy

rate.

4.3 Effect of Cell Fixing

In addition to the differentiation of microparticles based on their dielectric prop-

erties, our research extended to the analysis of individual cells, showcasing the

potential applications in biomaterials and bioelectronics. The ability to non-

invasively investigate and differentiate the internal composition of single cells

provides valuable insights into cellular physiology, behavior, and responses to

various stimuli.

Specifically, in this experiment, our focus was on assessing the impact of cell

fixation, employing glutaraldehyde, on MDA-MB-231 cells. The fixation process

serves to preserve the structural and biochemical attributes of cells while cross-

linking their proteins and nucleic acids. This effect is particularly pronounced

with glutaraldehyde, a widely-used substance in the preparation of biological sam-

ples for electron microscopy due to its proficiency in preserving cellular shape.

Although the fixation process maintains cell volume and structure, it modifies
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their inherent material composition. As anticipated from our biochemical ob-

servations, the low-frequency sensor recorded similar cellular volumes, while the

microwave sensor demonstrated distinct changes in internal material properties

(Figure 4.5A). Calibration during both runs involved the use of polystyrene par-

ticles.

A B

C D

Figure 4.5: (A) Demonstration of the effect of fixing MDA-MB–231 Cells on
their geometric and electrical diameter by measuring cells before and after the
procedure. (B) |KCM | distribution before (mean:0.151) and after (mean:0.178)
the fixation. C) Electrical diameter of cells before and after the fixing procedure.
D) Geometrical diameter of cells before and after the fixing procedure.

Subsequent to fixation, the mean (initial: 17.3 µm, post-fixation: 16.9 µm) and

standard deviation (initial: 3.1 µm, post-fixation: 2.8 µm) of impedance cytom-

etry signals remained unaltered (Figure 4.5D), affirming the preservation of cell

volume and structure. In contrast, the microwave signal, indicative of cell permit-

tivity, exhibited a 24% increase (initial: 0.0045, post-fixation: 0.0056), signaling

a decrease in the dielectric permittivity of the internal material of cells (Fig-

ure 4.5C). Remarkably, the distribution of |KCM |, as represented by the square
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of the ratio of electrical diameter to geometrical diameter, validated the potential

of this technique for single-cell analysis, offering insights into the internal state

of cells (Figure 4.5B).

These findings further support the intriguing possibilities for the application of

our sensor technology in cellular analysis. The sensor’s ability to discern slight yet

crucial changes in electrical properties, even while the geometrical size remains

consistent, is a valuable asset. This capability enables us to gain deeper insights

into how cells react to external agents over time.
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Chapter 5

Methodology

Of course, you may increase or decrease the number of chapters as appropriate

to your thesis.

5.1 Fabrication

The sensor device was fabricated on one half of a 100 mm x 0.5 mm (diameter x

thickness) double-side polished wafer. The substrate was chosen to be dry-fused

quartz, a non-conductive and low-loss-tangent material. Sensor geometry was

patterned by spin coating 2 µm thick AZ – 5214 photoresist and photolithography

steps. After the photoresist development in AZ – 400K for 30 seconds, 5 nm of

chromium and 150 nm of gold were deposited by the thermal evaporation process.

Chromium was used as a binding agent between quartz and gold layers. After

an overnight acetone lift-off process, the sensor pattern was completed. For the

microchannel fabrication, the SU-8 mold was used to create channel patterns on a

PDMS block. After punching the fluidic inlet and outlet through the PDMS block,

the bottom surface of the channel and the gold-deposited wafer were treated with

oxygen plasma to activate their surfaces. Within ten minutes after the activation,

the microfluidic channel and the wafer were aligned and bounded under an optic
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microscope. The details of the fabrication process are explained in the following

series of videos step by step:

Dicing saw process: https://youtu.be/ITO7Wos05eQ

Spin Coating: https://youtu.be/Migmv8Cl8aQ

Photolithography: https://youtu.be/1U_EjhYCrEw

Metal deposition: https://youtu.be/T7s-cgiXN-I, https://youtu.be/

8oM4d3qli9E, https://youtu.be/kBuLBXMPvFI

Figure 5.1: A) Removal of the cut fused silica wafer from the dicing saw tape.
B) Placement of photoresist before the spin coating process. C) Alignment of
wafers in the photolithography device. D) Preparation of wafers for insertion
into the thermal evaporator device. Sections with limited photoresist coverage
are protected by Kapton tape to prevent unintended metal deposition.
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5.2 Experimental Setup

The experimental setup has been carefully isolated to minimize the influence of

environmental factors and ensure precise measurements. The sensor platform is

positioned on an optical table to mitigate the impact of physical vibrations. This

setup is further enclosed within a transparent plastic casing, effectively restraining

temperature fluctuations and preventing disruptive airflow caused by ventilation

systems. Surrounding this protective casing, a Faraday cage has been installed to

shield against environmental interferences, including any accidental disturbances

within the laboratory. This is particularly crucial because the resonating sensor

functions as an extremely sensitive antenna, and even the slightest movements

by the operator can introduce unwanted noise into the sensor readings.

Detection 

Instruments

SSBM 

Circuitry

Sensor

Platform

Figure 5.2: Experimental setup

The sensor itself is mounted on a 3D-printed holder, which can be attached to

a microscope tray for precise positioning. Electrical instruments are placed on a

rack located outside the Faraday cage to avoid any electromagnetic interference.
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For the microwave measurements, we employ two MFLI lock-in amplifiers and a

Rohde Schwarz signal generator to establish Single-Sideband Modulation (SSBM)

circuitry. One of the lock-in amplifiers serves as the ’leader,’ while the other

functions as the ’follower.’ Through synchronization facilitated by a clock signal

modulated from the leader, these amplifiers are finely tuned to generate signals

with a 90-degree phase difference at kHz frequencies, providing in-phase and

quadrature components for SSBM. Subsequently, these signals are upconverted

in the IQ-mixer, which is driven by the GHz frequency signal supplied by the

signal generator through the Local Oscillator (LO) port. This process yields a

signal at the difference frequency of LO and the lock-in output frequency.

This signal is then directed to the Device Under Test (DUT) via a circulator,

a specialized microwave component that routes signals based on their incoming

direction. The reflected voltage wave reaches a second mixer, where it undergoes

down-conversion to the lock-in frequencies, facilitating dual-phase demodulation.

Finally, the follower lock-in amplifier extracts the R (magnitude) and θ (phase)

values (as depicted in Figure 5.3).

In InOut Out

Lock-In Amplifier
(Follower) 

Lock-In Amplifier
(Leader)

Clock Signal

Q
I

LO
IF RF

LO
RF

SG

IQ - Mixer

Mixer

Power Splitter
Circulator

DUT

sin(Δωt)cos(Δωt)

cos(ωt)

cos((ω - Δω)t)

RDUT cos((ω - Δω)t + θDUT)RDUT cos(Δωt - θDUT)

Single Sideband 
Modulator 

(SSBM)

Figure 5.3: Detailed microwave circuitry.

Fluid control is adjusted through the Fluigent MFCS-EZ microfluidic flow
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control system. To introduce micro-objects to the sensor, a droplet of solution is

carefully deposited onto the microfluidic outlet of the sensor (Visible on the left

end of the PDMS block in Figure 5.4). Subsequently, negative pressure is applied

for a few minutes to draw the solution into the channel. Once an adequate volume

of solution is loaded into the sensor, any remaining droplets are carefully removed

using a tissue without touching the sensor. The experimental process is initiated

by introducing positive pressure into the microfluidic channel, thus pushing the

loaded particles through the sensing region.

Figure 5.4: Close-up view of the sensor with all the electrical and fluidic connec-
tions.

This approach of introducing the solution from the outlet offers two significant

advantages. First, it necessitates fewer movements, reducing the likelihood of

inadvertently altering the sensor’s position, which could otherwise compromise

the integrity of the experiment by affecting resonance characteristics. Second,

it enables the introduction of denser particles, such as soda-lime glass ( ρ =

2.5g/cm3), which are typically challenging to utilize within microtubing systems.
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5.3 Experimental Procedure

To initiate the experiment, we load the solution of interest into the sensor and

perform a frequency sweep using our circuitry. Given the inherent slight varia-

tions in resonance frequency between individually fabricated sensors, our sweep

encompasses a range from 4.6 to 5.8 GHz to precisely identify the resonance

frequency.

Figure 5.5: Amplitude response of the sensor to frequency sweep.

The frequency at which the reflected voltage from the device reaches its min-

imum is considered the resonance frequency. In an illustrative example (Figure

X1), this frequency falls within the range of 5.1 to 5.3 GHz. Nevertheless, even

within this narrow range, the sensor’s response exhibits considerable variability.

To identify the most sensitive frequency, we conduct a secondary sweep by

incrementally adjusting the signal generator frequency in 10 MHz steps. During

this optimization process, the sensing region is observed under a microscope, and

a calibration particle—typically a 20 µm polystyrene particle—is introduced into

the region using controlled flow. At each frequency step, the particle is passed

back and forth through the sensing region once.
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Figure 5.6: The data of the resonance frequency optimization experiment.

The response of the microwave parameters varies notably throughout this fre-

quency sweep, even undergoing sign changes, as depicted in Figure X2. Since

frequency steps add up to a large change in phase value, the change values are

more clear in Figure X3.

To obtain the highest quality out-of-phase component, we select a frequency

that maximizes the signal-to-noise ratio (SNR) for both amplitude and phase.

This entails dividing the signal values displayed in Figure X3 by the standard

deviation of the noise at each frequency, resulting in the table presented in Figure

X4.

In this specific instance, the optimal resonance frequency for particle detection

was determined to be 5230 MHz, with an SNR of 1594 for amplitude and 822 for

phase measurement. Subsequently, following the selection of the best resonance

frequency, we initiate data acquisition and allow particles or cells to pass through

the sensing region.
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Figure 5.7: Amplitude and phase response to 20 µm polystyrene particle for each
10 MHz frequency step

Frequency 5100 5110 5120 5130 5140 5150 5160 5170 5180 5190 5200

Δ Amp -0.198 -0.189 -0.165 -0.126 -0.122 -0.088 -0.049 -0.006 0.023 0.065 0.094

SNR Amp 763 653 1073 642 644 456 280 42 146 395 660

Δ Phase 0.618 0.798 1.106 1.51 1.863 1.686 1.985 2.358 2.316 1.928 1.836

SNR Phase 145 597 448 1162 751 989 1380 1672 1563 1433 1167

Frequency 5210 5220 5230 5240 5250 5260 5270 5280 5290 5300

Δ Amp 0.143 0.156 0.177 0.19 0.183 0.18 0.186 0.189 0.194 0.177

SNR Amp 1256 1311 1594 1648 1324 1102 1116 1037 1096 1151

Δ Phase 1.9 1.602 1.111 0.746 0.44 0.367 0.244 0.032 -0.101 -0.367

SNR Phase 980 973 822 605 340 215 132 24 68 261

Figure 5.8: Signal to noise ratio of amplitude and phase response for each 10
MHz frequency step

5.4 Data Analysis

In this section, only the final version of the data analysis is explained. The

data from the microwave and impedance cytometry sensors are collected simul-

taneously using lock-in amplifiers, specifically MFLI and HF2LI. To ensure the

capture of at least 200 data points per event, a sampling rate of >10kSamp/sec is

selected for both instruments. The closest available sampling rates are chosen, re-

sulting in 13.392 kSamp/sec for the MFLI and 14.391 kSamp/sec for the HF2LI.

To align the number of data points, MATLAB’s Signal Processing Toolbox is

utilized, employing the ’resample’ function to resample each dataset.

Subsequently, by selecting event data belonging to the same particle from both
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the microwave and impedance cytometry signals, the time delay between the two

measurements is calculated and synchronized accordingly. However, it is impor-

tant to note that the fluid medium used, Phosphate-buffered saline (PBS), is

not perfectly homogeneous, leading to signal drift during the experiments. To

improve the accuracy of capturing event magnitudes, MATLAB’s Bioinformatics

Toolbox is employed, utilizing the ’msbackadj’ function to remove the drift effect.

For the microwave data, the baseline is subtracted, while for the impedance cy-

tometry data, the data points are normalized by dividing them by the baseline

values, as the current blockage is proportional to its baseline.

In our analysis, we employ a two-step convolution process to identify events

involving single and multiple particle passages. To illustrate this, consider the

time-domain phase data of three events in Figure 5.9. In this example, the third

event is well-isolated, while the first two events are closely spaced, making their

characterization less reliable. In the initial convolution operation, the first two

events yield two distinct peak pairs with varying shapes, while the third event

results in a symmetric pair. Subsequently, after the second convolution operation,

which involves Gaussian smoothing, the first two events merge into a multi-peak

shape. Following this, we employ a standard MATLAB peak finder algorithm

to detect all peaks. If there is no value smaller than a predefined threshold

between two adjacent peaks, they are categorized as multiple-event passages.

In this specific scenario, events occurring within a time interval of less than 40

ms (which is contingent on the convolution window length) are considered as

multiple-event passages and are subsequently excluded from the analysis.

A CB

Figure 5.9: A)Raw data. B) First and C) second stage of convolution.
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Valid event values are identified using the built-in ’findpeaks’ function in MAT-

LAB. By calibrating the impedance cytometry amplitude, microwave amplitude,

and phase values, the diminishing effect of the particle height is eliminated. By

leveraging the known geometric value of polystyrene, the electrical signal from the

impedance cytometry data is transformed into µm units by multiplying it by a

constant value, and the electrical diameter of the particles is calculated using the

∆Y quadrature formula. While the convolution step successfully excludes most

multi-particle passages, it is possible for microparticles to adhere together and be

measured as groups. To address this, additional filters are implemented. In the

first filter, the dielectric permittivity values of the final data points are computed,

and any data point falling outside the 5 standard deviations range from its mean

is excluded for each microparticle type. The second filter specifically targets soda

lime glass microparticle events, removing those with sizes below 12 µm or above

25 µm as they are out of the size range provided by the vendor.
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Chapter 6

Conclusion and Future Work

This thesis introduces a portable, rapid, and cost-effective chip-sized solution for

the analysis of micron-level objects. The sensor developed in this work has the

capability to differentiate between two distinct classes of dielectric microparti-

cles, even when they share similar electronic characteristics. Additionally, it can

measure internal changes in cells resulting from specific treatments.

To achieve this differentiation capability, we integrated two electronic sensors

operating at significantly different frequencies: a 500 kHz sensor for geometric

sizing and a microwave sensor at approximately 5 GHz for electrical sizing. By

combining the data from these two sensors, we derived intrinsic material prop-

erties for each microparticle, achieving an impressive identification accuracy of

94.9% in distinguishing between polystyrene and glass microparticles. Notably,

our sensor offers a substantially faster analysis speed, with particles spending

only 25 milliseconds in the sensing region. This speed holds great potential for

automating microparticle analysis in environmental and materials science appli-

cations.

Furthermore, our sensor design exhibited the ability to differentiate between

healthy and fixed cells. This feature has significant implications for biomedi-

cal research, offering a less invasive alternative to current methods that rely on
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complex measurements of refractive indices or fluorescent labeling.

However, it’s important to acknowledge some limitations. Our current ap-

proach is primarily suited for the classification of materials with distinct dielectric

permittivity values. Enhancing sensor resolution could expand its applicability to

a wider range of material classes, benefiting materials and environmental sciences.

Moreover, using a medium with lower permittivity than water could enhance sig-

nal contrast for different microparticle materials, and further research can explore

this potential.

In conclusion, our findings hold immense promise. The ability to differentiate

microparticles among various material classes in water has applications rang-

ing from environmental pollutant identification to manufacturing quality control

and the capability to analyze cells’ internal content holds significant promise

in advancing our comprehension of cellular mechanisms, enabling more precise

characterization of cell types, and facilitating the development of personalized

diagnostics and therapies.
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