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ABSTRACT 

ON TWİTTER DATA ANALYSIS 
MSC THESIS 

MUHAMMET KARADAĞ 
BOLU ABANT IZZET BAYSAL UNIVERSITY  

INSTITUTE OF GRADUATE STUDIES 
DEPARTMENT OF MATHEMATİCS 

(SUPERVISOR: ASST. PROF.SİBEL CANSU) 
 

BOLU, JUNUARY 2023 
ix + 35 

 
With the development of technology, the internet has reached our pockets and 
innovations have come with it. Social media has become a very important media 
tool with the development of the internet. Since people from all over the world 
use this medium, it has become a huge data source. Twitter accounts for a large 
part of this data formation. With text mining, we can take the raw text from 
Twitter, preprocess it and get it structured. After taking the structured form of the 
text, it is passed to the sentiment analysis part. Sentiment analysis grades a text as 
positive, negative, or neutral based on the emotion given by the words. By looking 
at the text in general, we decide whether the positive aspect of this text is more 
weighted or the negative aspect of it. In this thesis, first text mining and then 
sentiment analysis of the data we pulled from Twitter were made. We can easily 
pull tweets under the name of Twitter's Covid19 and data mining hashtags by 
opening a developer account. The text mining of the data collected for about a 
month was performed, and then the sentiment analysis step was started and the 
sentiment scores of the data were examined. While performing text mining and 
sentiment analysis, Python software language and Jupyter Notebook were used. 
To conduct the research, lessons were taken from an online site and learned to a 
certain point. In the application part of the thesis, how we pull the data with 
Python coding, which date range is used, the codes we write for the preprocessing 
of the data are mentioned. 
 
 
 
 
 
KEYWORDS:Data Mining, Sentiment Analysis, Twitter, Social Media 
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 ÖZET 

TWİTTER DATA ANALİZİ 
YÜKSEK LİSANS TEZİ 

MUHAMMET KARADAĞ 
BOLU ABANT İZZET BAYSAL ÜNİVERSİTESİ 

LİSANSÜSTÜ EĞİTİM ENSTİTÜSÜ 
MATEMATİK ANABİLİM DALI 

(TEZ DANIŞMANI:DR. ÖĞR. ÜYESİ SİBEL CANSU) 
BOLU, OCAK - 2023 

ix + 35 

 
Teknolojinin gelişmesi ile internet ceplerimize kadar inmiştir ve yeniliklerde 
beraberinde gelmiştir. Sosyal medya internetin gelişmesi ile çok önemli bir medya 
aracı olmuştur. Bu mecrayı dünyanın her yerinden insanlar kullandıkları için 
büyük bir veri kaynağı oluşmuştur. Twitter bu veri oluşumunun büyük bir kısmını  
oluşturmaktadır. Metin madenciliği ile Twitter'daki işlenmemiş metinleri alıp ön 
işlemelerden geçirip yapılandırılmış halini alabiliriz. Metnin yapılandırılmış halini 
aldıktan sonra duygu analizi kısmına geçilir. Duygu analizi bir metnin 
kelimelerinin verdiği duyguya göre pozitif, negatif ya da nötr diye puanlama 
yapar. Metnin geneline bakarak bu metnin genel olarak pozitif yönü mü daha 
ağırlıklı yoksa negatif yönü mü buna karar veririz. Bu tezde Twitter'dan 
çektiğimiz verilerin önce metin madenciliği daha sonra duygu analizi yapılmıştır. 
Twitter'ın Covid19 ve datamining hashtagleri adı altındaki tweetleri developer 
hesabı açılarak rahatlıkla çekilebilir. Yaklaşık bir ay boyunca çekilen verilerin 
metin madenciliği yapıldı ve daha sonra duygu analizi basamağına geçildi ve 
verilerin duygu puanlarına bakıldı. Metin madenciliği ve duygu analizi yapılırken 
Python yazılım dilinden ve Jupyter Notebook'tan yararlanıldı. Tezin uygulama 
bölümünde Python kodlamaları ile veriyi nasıl çektiğimizden, hangi tarih 
aralığının kullanıldığından, verilerin ön işlemesi için yazdığımız kodlardan 
bahsedilmiştir. 
 

ANAHTAR KELİMELER: Veri Madenciliği, Duygu analizi, Twitter, Sosyal 
Medya 
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1. INTRODUCTION 

The development and change of technology brings innovations in all areas 

of life. Especially in the internet environment, there is a constant change. With the 

use of social media too much, a huge amount of data is created on the internet. 

Social media are platforms and blogs where billions of users share their ideas, 

complaints and comments today. This change in the internet has also caused 

changes in data mining. 

Data mining uses structured data. The enormous increase in data on social 

media and the internet has shown that unstructured data needs to be analyzed. 

Text mining emerged in this process and has been one of the most researched 

areas of recent years.1 

One of the areas where text mining is used is sentiment analysis. 

Sentiment analysis can be used to reveal the sentiment of a large text book, short 

text, or tweet. Everyone from celebrities to politicians who want to follow the 

public is aware of the importance of sentiment analysis. There is little information 

on sentiment analysis on Twitter. The purpose of writing this thesis is to 

contribute to the elimination of this deficiency in the literature. 

The development of the internet and technology today has brought us 

social media. Social media is a form of internet that has emerged as an alternative 

media tool. Especially during the pandemic period, people had to use social media 

too much because they could not go out. People who use social media and 

smartphones can easily become content producers. The use of social media by 

people from past to present has attracted the attention of researchers and there are 

many studies on social media. Therefore, there are many studies in the literature. 

However, there is not enough information in the field of sentiment analysis on 

social media. Most of the studies are on English texts as they are easier to apply. 

Sentiment analysis of Turkish texts is not very common. 

In a way, this thesis consists of four main parts mainly. In the first part, 

information about text mining is given and information about the usage areas, 

steps and preprocessing of text mining are also given. 
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In the second part, information about sentiment analysis is given and an 

explanation is also given about the importance of emotion in texts. Then, the 

stages and usage areas of sentiment analysis are explained. In these explanations, 

the relevance of the stages of sentiment analysis to each other is mentioned. 

In the third part, detailed information about Twitter, which is one of the 

social media tools, is given. Since the application area of this thesis is Twitter, it is 

written under the main title. It has been mentioned that Twitter is an important 

social media tool to follow daily life. In addition, since a Twitter developer 

account must be opened to extract data, a detailed explanation is given in the sub-

title about how it is opened. After the developer account is opened, it is explained 

how to extract data from Twitter. 

The application, which is the last part of the thesis, is the fourth main title. 

In the application chapter the application part, the data taken from Twitter has 

been processed. The tweets posted under the hashtags Covid19 and datamining 

were taken for about 1 month. Then all the extracted data were processed. 
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2. AIM AND SCOPE OF THE STUDY 

Large sizes and variety of data are produced on the Internet and social 

media, and some of the content produced is visual and sensory, but only a small 

percentage. It is the texts that have the main percentile. These texts are very 

important, they can be analyzed. 

The texts processed in the text analysis area are first pre-processed and 

simplified. Text analysis is related to sentiment analysis because the processed 

data is analyzed by sentiment analysis and a result can be found. However, 

sentiment analysis cannot be done without data processing. This is because there 

are unnecessary words or characters in the text, such as unnecessary emojis, 

misspelled words, so an accurate result cannot be obtained if sentiment analysis is 

performed without data processing in the texts. 

Most of the texts on social media and the internet are in English. 

Therefore, researches from the past to the present have generally been made on 

texts written in English. In other words, there are not many studies on the texts 

written in Turkish in the literature. Another purpose of writing the thesis is that 

text mining and sentiment analysis researches by pulling data from Twitter do not 

have enough research in the literature. 

In this thesis, the texts under the Covid19 and datamining hashtags were 

taken. The steps of preprocessing, tokenization, stemming and stepwords, which 

are the stages of text mining, have been applied to the simplest form. After the 

text mining was finished, the sentiment analysis part was started and it was 

examined whether the Covid19 and datamining texts had positive emotions, 

negative emotions or neutral emotions. 
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3. TEXT MINING 

In recent years, with the development of technology, the internet has 

become one of the indispensable things that people use constantly. The fact that 

people, institutions and organizations share their ideas has made social media a 

great source of information. Unfortunately, data on social media is very difficult 

to process as it is. These data often appear to consist of misspelled words, 

abbreviations, and slang or nonsense words that are not in everyday speech.2 

For this reason, the data in social media needs to be filtered in order to be 

processed and it needs to be converted into a proper form using text mining 

methods. 

  Text mining targets studies such as classification, clustering, text 

summary and sentiment analysis of texts.3 

3.1 Areas Of Text Mining 

The cost of using data mining is quite high. It happens with many 

applications. At the same time, there are many companies that make and sell 

ready-made software for the data mining application area. For this reason, desired 

data mining applications can be made at attractive prices through shopping. This 

eliminates the difference between small business and large business and allows 

small businesses to benefit from such services, allowing them to gain a 

competitive advantage alongside the big ones. There are many fields that use data 

mining. If we give an example of some areas where they are mostly used; 

• Sales and Marketing  

• Education 

• Production and planning 

• Accommodation 

• Banking: Credit approval 

Stages of text mining 

There are three stages of text mining. These are divided into information 

retrieval, information extraction and data mining.4 

 

 

 

 

Getting 

Information 

Information 

Extraction 

Data Mining 
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3.2 Text Mining And Preprocessing 

The data taken from the internet by any method is not structured. In order 

for these data to be used, they are converted into a smoother form using text 

mining methods. The following steps are followed while preprocessing the texts; 

Normalization 

Tokenization 

Cleaning small words of three letters or less 

Removing punctuation marks in text 

Removing numbers 

Lemmatization 

In the normalization step, we aim to correct misspelled words and convert 

all text to lowercase. Unnecessary spaces at the beginning, end or even inside the 

sentence are removed. 

In tokenization, we split our text into segments based on its targeted 

properties. By typing a different command, unnecessary characters, numbers and 

words such as and, which are frequently used in the language, are removed. 

In the Lemmazation step, the words are separated to their roots and remain 

in their simplest form.3 
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4. SENTIMENT ANALYSIS 

According to the Turkish Language Association, emotion is defined as 

"the ability to evaluate objects or events in terms of moral and aesthetic" and "the 

impression that certain objects, events or individuals create in the inner universe 

of man". As it is said in the definition, the concept of emotion includes negative, 

positive and neutral elements. For example, words such as love, affection, interest, 

fun, loyalty, hope can be positively charged, while words such as fight, hate, war 

can be negatively charged.5 

The Internet has become a tool that we use in almost every field in our 

daily lives, and people share their feelings, thoughts and ideas in virtual 

environments such as social media, blogs, forums. Therefore, there is a large 

amount of data on people's emotions on the internet.6 

4.1 Document Level Sentiment Analysis 

Sentiment analysis is examined under three main headings. These are 

called document level, sentence level and aspect level. 

It categorizes positive or negative emotions by obtaining a general idea 

without going into too much detail at the document level. The text is evaluated as 

a whole and classified as positive or negative, whichever opinion is more weighty. 

At this level sentiment analysis yields a result and is not used for multiple 

comparisons.7 

4.2 Sentence Level Sentiment Analysis 

The sentiment analysis at the document level is insufficient for some data 

because all the sentences at the document level sentiment analysis are classified 

according to the dominant sentiment score in the whole data without going into 

the details of the sentiment score. Some of the comments made by people have a 

high positive score, some have a high negative score, and some sentences may be 

neutral. In sentence-level sentiment analysis, we first check whether there is any 

emotion in each sentence, not as a whole. If emotion is expressed, our data is 

classified as positive or negative. Research on whether to express emotion is 

called subjectivity classification.6 

4.3 Aspect Level Sentiment Analysis 

Doing sentiment analysis at the document level causes emotional 

expressions to be ambiguous. When a person comments on an entity, even if 
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document-level sentiment analysis classifies it as positive, it does not mean that 

the person has made a completely positive comment about that entity. For 

example, if a commenter has made a positive comment about 5 characteristics of a 

person or entity and a negative comment about 7 properties, that comment is 

called negative at the document level. As can be seen from this example, there is a 

loss of information here. The person made a positive comment about the 5 

features of the asset, but this information did not emerge at the document level. 

In order to get the best information about the interpretation, it is important 

to know which positive and negative features of the asset the interpretation is 

made for. This is done in aspect level sentiment analysis. It can find the properties 

of the target entity. This process is called feature extraction.7 
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5. TWITTER 

Twitter is an American microblogging and social service where users 

interact with each other and post messages called "tweets". Founded by Jack 

Dorsey in March 2006, Twitter has limited its members to a maximum of 280 

characters when tweeting. (Until 2017, the character limit was 140, then with new 

updates it became 280 characters.). It offers the opportunity to share and send 

direct messages from private.8 

Users of  Twitter can become a free member and create their own profiles 

and communicate with other profiles. The site, which has a very simple interface, 

is attractive because it can be used easily. Twitter has about 50 different language 

options. Those who want to become a member must first determine their 

username when creating their profile. If the selected username was previously 

taken by another user, the new member should choose another username. Your 

username is important for other members to find you. Moreover, the @ symbol is 

automatically preceded by the usernames of all members. Members can change 

their chosen username at any time.1 

5.1 Hashtag 

A user of the Twitter platform uses hashtags when tweeting to express 

their feelings and thoughts about a particular topic. The main purpose of the 

hashtag is to gather people around a certain topic. The hashtag is denoted by the # 

symbol. Users who want to use hashtags simply put the # symbol at the beginning 

of a word or sentence. Then, Twitter converts the word with this hashtag into a 

link, and if other users want to see what is written under this hashtag, they just 

need to enter this link.9 

5.2 Trend Topic 

If there are too many tweets about a topic during the day, Twitter pins 

these tweets as a trend topic (TT) to the top of the search section and makes it 

easy for other users to see. 

Usually trending topics have words with hashtags. The more tweets are 

tweeted for that hashtag, the higher the ranking will be, so users who do not want 

to stay behind the agenda can follow the current issues of daily life by looking at 

the trending topics. If a user's tweet is favored or retweeted more than other users 

on trending topics, Twitter will show those tweets first.10 
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5.3 Retweet 

A retweet (RT) is the sharing of any tweet posted by another user on their 

own page without any changes. Retweeted tweets are shared with the name of the 

user who first shared the tweet.11 

5.4 Mention 

When mentioning a user on Twitter, the @ symbol is placed in front of the 

username and a space is placed, then the tweet is written and sent to the user. In 

this way, as it is shown who is mentioned in the tweet, the person mentioned will 

receive a notification and can reply to the sent tweet in the same way.12

 When two people reply to each other, only the relevant people, such as the 

respondent's followers and the person in the chat, will see the reply in their own 

timeline.12 

5.5 Twitter Developer Account 

Normally a profile on apps.twitter.com was required to use the Twitter 

Search API, but now you need to create an individual developer account on 

developer.twitter.com. 

In the first part, you are asked for what purpose you will use the Twitter 

developer tools. Since we will do research, we can go to the next step by choosing 

the Academic research section. 

 

 

Picture5.1. First step of opening account 
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The second part asks if you are really the right person to associate the 

developer account you created with your personal twitter account. Here, we 

choose our name and the country we are in and go to the next page. 

 

 

Picture5.2. Second step of opening account 

 

In the third part, we are asked for what purpose we will use the Twitter 

API. They want us to write in detail what we will research about and where we 

will use it with our own sentences. 

 

 

Picture5.3. Third step of opening account 



 

In the fourth part, we are asked to review the information we have filled in.

In the fifth part, you have to read and accept the developer agreement.

In the sixth part, a confirmation e

associated with your twitter account.

After clicking the link in the message sent to your e

a confirmation period for your account to be opened. Responses are made via e

mail during the day. After approval, we can create our application via 

https://developer.twitt

5.6 Data Extraction F

There are tools necessary to extract data from Twitter. These;

- Twitter API 

- Python 

- Jupyter Notebook 

The interface used to extract data from Twitter is Twitter Api.

The programming language used for data 

visualization is Python.

The name of the program used to analyze the te

Python codes is Jupyter notebook.

Libraries used; 

11 

In the fourth part, we are asked to review the information we have filled in.

n the fifth part, you have to read and accept the developer agreement.

In the sixth part, a confirmation e-mail is sent to the e

associated with your twitter account. 

 

Picture5.4. Confirmation e-mail 

After clicking the link in the message sent to your e-mail address, there is 

a confirmation period for your account to be opened. Responses are made via e

mail during the day. After approval, we can create our application via 

https://developer.twitter.com/en/apps.14 

Data Extraction From Twitter 

There are tools necessary to extract data from Twitter. These; 

The interface used to extract data from Twitter is Twitter Api. 

The programming language used for data analysis, processing and data 

visualization is Python. 

The name of the program used to analyze the texts taken from Twitter and run 

upyter notebook.15 

In the fourth part, we are asked to review the information we have filled in. 

n the fifth part, you have to read and accept the developer agreement. 

mail is sent to the e-mail address 

 

mail address, there is 

a confirmation period for your account to be opened. Responses are made via e-

mail during the day. After approval, we can create our application via 

analysis, processing and data 

xts taken from Twitter and run 
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 Tweepy (Twitter API) 

  Pandas (Data analysis tool) 

  Matplotlib (Data visualization) 

  Seaborn (Data visualization) 

  WordCloud (Data visualization) 

  TextBlob (Text data processing) 

  NLTK (Natural language processing package) 

  Scikit-learn (Artificial learning) 
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6. MATERIALS AND METHODS 

When starting the text mining phase, we need to have a dataset. The data 

set in this thesis is taken from Twitter with hashtagsCovid19 and datamining. The 

time interval of tweets is between 02.11.2022 and 27.11.2022, and a total of 2977 

tweets were taken. 

The data pulled from Twitter contains too many abbreviations, photos and 

emojis. Using the data without preprocessing will change the effectiveness of the 

result. 

6.1 Covid19 Data Set 

The data set containing Covid19 hashtag has nine columns which is shown 

below. 

<class 'pandas.core.frame.DataFrame'> 

Int64Index: 1684 entries, 0 to 1683 

Data columns (total 9 columns): 

#   Column                Non-Null Count  Dtype 

---  ------                --------------  ----- 

0   id                    1684 non-null   int64 

1   text                  1684 non-null   object 

2   created_at            1684 non-null   object 

3   retweeted             1684 non-null   bool 

4   retweet_count         1684 non-null   int64 

5   user_screen_name      1684 non-null   object 

6   user_followers_count  1684 non-null   int64 

7   user_location         1152 non-null   object 

8   Hashtags              1684 non-null   object 

dtypes: bool(1), int64(3), object(5) 

memory usage: 120.1+ KB 

 

An example of unstructured data containing Covid19 hashtag before 

preprocessing is as follows. In the Python programming language, the head 

command displays the first five lines of the dataset. So the first five lines are 

shown. 
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Table 6.1. First five lines of the data set. 

Also the text column of the data set before preprocessing is below. 

 

 

Table 6.2.Text column of the data set. 

 

Punctuation marks and emojis in tweets have been removed in the 

preprocessing step. All tweets have been converted to lowercase. The numbers 

have been removed. Words that are included in the sentence but have no meaning 

for analysis, such as prepositions and conjunctions, which are called stopwords in 

English, have been removed from the tweet. The first five lines of the data set and 

the text column after preprocessing are given below. 

 

 

Table 6.3. First five lines of the data set after preprocessing. 
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Table 6.4.Text column of the data set after preprocessing. 

In data set user_screen_name column represents the user name of the 

Twitter user. When we check the data set there are 1445 unique user screen name. 

user_screen_name 
11VanessaH         1 
11thHourLib        1 
16thStMALL         1 
1_stlight          1 
202hanyu           1 
.. 
zhengyizhizhan1    3 
zin_zah            1 
zoecttrll          1 
zoo_bear           1 
zulaani            1 
Name: id, Length: 1445, dtype: int64 

 

The list of the users who have more than one tweet with Covid19 hashtag 

has 120 members which are: 

 

 

Picture6.1. Users who tweet more than once. 

By using count() function we can identify hashtag top contributors. 

user_screen_name 
lCPP4gGvNS9FuZI    17 
DrEricDing         14 
adriangherghe12    12 
_OfficialECI       11 
deepgreendesign     8 
COVID_Scale         7 
CrispinTeddy        7 
krishna444_test     6 
BringBackIso        6 
n_khajazada         5 
Name: id, dtype: int64 
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When the tweets were examined, it was seen that there were 1546 tweets 

that did not start with RT. That's about 92 percent of the tweets in the dataset.The 

top five most favorited tweets are shown below. 

 

 

Table 6.5. First five lines of the most favorited tweets. 

When the frequencies of the words in the tweets are examined, the 

following data set is obtained. 

 

 

Table 6.6.Word frequencies of tweets. 

There are 106 words whose word frequency is bigger than one standard 

deviation away from the frequency mean. 
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Table6.7. Frequency one standard deviation away from the mean. 

The Figures of the words with high frequency in the data set containing the 

hashtag Covid19 is given below. 

 

 

Figures6.1. The Figures of the word with the highest frequencies. 



A wordcloud of the most used words in tweets under the hashtag Covid19 

has been prepared. While preparing 

ImageColorGenerator libraries were used. Wordcloud is as follows.

Picture

6.1.1 Sentiment Analysis O

A function was written to add 

data set. As a result of the function, an 

tweet depending on the words it contains. While determining the 

the textblob library was used. Tweets with an 

were labeled as positive, while those with an 

labeled as negative and the rest were labeled as neutral.

class and sentiment score columns to the data set we have:

Table
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A wordcloud of the most used words in tweets under the hashtag Covid19 

has been prepared. While preparing Wordcloud, WordCloud, STOPWORDS and 

ImageColorGenerator libraries were used. Wordcloud is as follows.

 

Picture6.2. Wordcloud of the most used words. 

Sentiment Analysis Of Covid19 

A function was written to add sentiment class and sentiment

data set. As a result of the function, an sentiment score was determined for each 

tweet depending on the words it contains. While determining the 

the textblob library was used. Tweets with an sentiment score greater 

were labeled as positive, while those with an sentiment score less than 0.00 were 

labeled as negative and the rest were labeled as neutral. After adding sentiment 

class and sentiment score columns to the data set we have: 

 

Table6.8. Sentiment classes of the tweets. 

A wordcloud of the most used words in tweets under the hashtag Covid19 

Wordcloud, WordCloud, STOPWORDS and 

ImageColorGenerator libraries were used. Wordcloud is as follows. 

 

 

sentiment score to the 

score was determined for each 

tweet depending on the words it contains. While determining the sentiment score, 

score greater than 0.00 

score less than 0.00 were 

After adding sentiment 

 



19 

In data set there are 288 negative, 711 neutral and 685 positive tweets. 

Barplot of sentiment classes is shown below. 

 

 

Figures6.2. Figures of sentiment analysis. 

If we want to see tweet text, sentiment score and sentiment class together, 

a data set like the one below can be created. The first 25 rows of the obtained data 

set are given below. 

 

 

Table6.9. Text, sentiment score and sentiment class. 
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'according to bennsteil only two major nations russia amp china have 

avoided monetary belttightening to stave of ' is an example of positive text, 'our 

neighbourhood paediatricians office answering machine says masks still required 

here some of us take preve ' is an example of neutral and 'locked down chinese 

signing jie mi give me rice jiemi covidisnotover givemerice jimmyjimmy china 

lockdown covid discodancer' is an example of negative text. 

In order to examine which hours and days the most tweets were tweeted, 

the tweet time and the day the tweet was posted were added to the data set. In this 

context, the datetime library is used. 

 

 

Table6.10. Tweet time and days. 

The tweet time was visualized using the Seaborn library. 

 

 

Figures6.3. Tweet times. 
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The distribution of days in the tweets is as follows. 

days 
Friday       382 
Monday       200 
Saturday     200 
Sunday       294 
Thursday     303 
Tuesday      201 
Wednesday    104 
Name: id, dtype: int64 

 

The barplot of the distribution of days will be 

 
 
 

Figures6.4. Figures of days 
 

6.2 Datamining Data Set 

The data set containing dataming hashtag has nine columns which is 

shown below. 

<class 'pandas.core.frame.DataFrame'> 
Int64Index: 1693 entries, 0 to 1692 
Data columns (total 9 columns): 
 #   Column                Non-Null Count  Dtype 
---  ------                --------------  -----  
0   id                    1693 non-null   int64  
1   text                  1693 non-null   object 
2   created_at            1693 non-null   object 
3   retweeted             1693 non-null   bool   
4   retweet_count         1693 non-null   int64  
5   user_screen_name      1693 non-null   object 
6   user_followers_count  1693 non-null   int64  
7   user_location         1200 non-null   object 
8   Hashtags              1693 non-null   object 
dtypes: bool(1), int64(3), object(5) 
memory usage: 120.7+ KB 
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The first five lines of the data set before preprocessing is as follows. 

 

 

Table6.11.First five lines of the data set. 

Also the text column of the data set before preprocessing is below. 

 

 

Table6.12. Text column of the data set. 

The first five rows of the dataset and the text column after preprocessing are 

given below. 

 

 

Table6.13. First five lines of the data set after preprocessing. 
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Table6.14.Text column of the data set after preprocessing. 

In data set user_screen_name column represents the user name of the 

Twitter user. When we check the data set there are 694 unique user screen name. 

 

user_screen_name 
100dayscode     54 
16thStMALL       1 
2007Alzate       1 
202hanyu         1 
20BlueCrowns     1 
.. 
xuebinwei        1 
yayayarndiva     1 
yuanjianbo       1 
zarishmakane     1 
zs746196         1 
Name: id, Length: 694, dtype: int64 

 

By using count() function we can identify hashtag top contributors. 

user_screen_name 
ricardo_ik_ahau    126 
cursortek          114 
corpus_news         61 
100dayscode         54 
KirkDBorne          52 
PythonBot_By_PM     44 
godfrey_G_          38 
Analytics_699       38 
o_fabriciosouza     30 
JonTheDataMan       23 
Name: id, dtype: int64 

 

When the tweets were examined, it was seen that there were 1594 tweets 

that did not start with RT. That's about 94 percent of the tweets in the dataset.The 

top five most favorited tweets are shown below. 
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Table6.15. First five lines of the most favorited tweets. 

When the frequencies of the words in the tweets are examined, the 

following data set is obtained. 

 

 

Table6.16. Word frequencies of tweets. 

There are 64 words whose word frequency is bigger than one standard 

deviation away from the frequency mean. 
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Table6.17. Frequency one standard deviation away from the mean. 

The Figures of the words with high frequency in the data set containing the 

hashtag datamining is given below. 

 

 

 

Figures6.5. The Figures of the word with the highest frequencies. 
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A wordcloud of the most used words in tweets under the hashtag 

datamining has been prepared. 

 

 

Picture6.3.Wordcloud of the most used words. 

6.2.1 Sentiment Analysis OfDatamining 

After adding sentiment class and sentiment score columns to the data set 

we have: 

 

 

Table6.18. Sentiment classes of the tweets. 

In data set there are 100 negative, 1004 neutral and 589 positive tweets. 

Barplot of sentiment classes is shown below. 
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Figures6.6. Sentiment classes of data set by numbers. 

The first 25 rows of the obtained data set are given below. 

 

 

Table6.19.Text, sentiment score and sentiment class. 
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'data science from scratch plus more datascience books to help you go 

deeper httpstcomgakkjetq  httpstcovffwxawivx' is an example of positive text, 

'online ebook open access no download  machinelearning from scratch 

httpstcoxiiocpldbx  bigdata httpstcoodgcqlgaej' is an example of neutral and 

'cursortek is selling bulk data of massagetherapy and k plus other businesses 

categoires like medicalspas httpstcoqxofafrmwt' is an example of negative text. 

 

In order to examine which hours and days the most tweets were tweeted, 

the tweet time and the day the tweet was posted were added to the data set. In this 

context, the datetime library is used. 

 
 

Table6.20.Tweet time and days. 

The tweet time was visualized using the Seaborn library. 

 

 

Figures6.7.Tweet times. 
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The distribution of days in the tweets is as follows. 

days 
Friday       353 
Monday       196 
Saturday     300 
Sunday       201 
Thursday     300 
Tuesday      200 
Wednesday    143 
Name: id, dtype: int64 

 

The barplot of the distribution of days will be 

 

 

Figures6.8. Tweet days. 
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7. CONCLUSION 

The purposes of text mining and sentiment analysis are to make an 

unstructured text structured and calculate the sentiment score. For this, a 

developer account was opened on Twitter. The tweets of Covid19 and datamining 

hashtags were pulled, and then the text mining phase was started. In text mining, 

tweets were tried to be brought into the simplest possible form, and then the 

sentiment analysis step was started. 

In sentiment analysis, the positive, negative and neutral states of the texts 

were examined. The days and times of tweets were examined. The frequencies of 

the words were checked. In our study of the datamining hashtag, neutral sentences 

are more dominant, followed by positive sentences and finally negative sentences. 

Our ranking does not change in our study of the Covid 19 hashtag. The results 

related to the studies carried out are supported by Figuresics. Wordcloud of the 

most used words in the texts was created. Although certain hashtags have been 

researched in our study, it is possible to work with texts belonging to another 

hashtag. It can even be examined directly in the tweets of a specific twitter user 

without using hashtags. 
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9. APPENDIX 
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